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Abstract

Migrant workers and prospective employers rely on intermediaries to facilitate lucrative
but risky labor market placements. However, if information frictions obscure their repu-
tation, intermediaries may have little reason to invest in the quality of their placements.
Using data on over 1.5 million Sri Lankan migrants to the Gulf region, we test whether
an intermediary rating program can improve placement quality. The regulator first an-
nounced the rating criteria and then publicly revealed a rating. Agencies eligible for the
program—especially previously under-performing agencies—invest in the rating criteria
and are less likely to exit the market. Migrants placed by these agencies receive higher
salaries, are matched with less abusive employers, and receive better non-wage amenities
prior to the ratings being revealed. Once revealed, higher ratings increase foreign de-
mand, but elicit limited migrant response. Collectively, our results suggest the program
induced intermediaries to improve placement quality by screening employment opportu-
nities abroad.
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1 Introduction

For many workers in the developing world, international migration offers labor market op-
portunities without domestic comparison.1 While lucrative, these opportunities often leave
migrants vulnerable to abuse: in our setting encompassing over a million Sri Lankan migrants
to the Gulf Region2, nearly one in ten migrants make a formal complaint to a consulate about
abuse or employer malpractice. To navigate these complexities, prospective migrants often
rely on intermediaries. Across two of the world’s largest migration corridors—the US South-
ern border and the Gulf region—estimates place the share of intermediated migration as high
as 80%.3 In essence, labor market intermediaries—be they migrant recruitment agencies, tem-
porary help agencies or internet platforms—are tasked with matching and, often, screening
workers and employers (Autor, 2008). However, where information frictions prevent workers
and employers from observing the quality of intermediaries—for example, the likelihood a
migrant experiences abuse or pre-maturely terminates a contract— market forces may fail
to discipline errant intermediaries. If so, intermediaries may see little return to screening
workers or employers and under-invest in placement quality.4

In this paper, we ask whether a policy designed to rate intermediaries and publicly
reveal their reputation can relax information frictions and improve migrant placement quality.
Our study focuses on local migration intermediaries (hereafter, recruitment agencies) who
recruit Sri Lankan workers for employment in the Gulf region. Prior work by Naidu et al.
(2016) suggests employers exercise considerable monopsony power in this setting, limiting
the ability of migrants to switch jobs and thereby raising the stakes of their initial placement.
The regulator first announced the criteria on which agencies would be rated and, two years
later, revealed a rating to the public. The eligibility criteria for the program motivates a
difference-in-difference design which we use to estimate the program effects both prior to and
succeeding the revelation of the ratings. We find that the policy successfully induced eligible
agencies—particularly, previously underperforming agencies—to screen foreign demand and
place migrants with less abusive employers prior to the revelation of the star ratings. In
addition, even agencies that received a low rating likely benefited from a ‘certification’ effect
relative to comparable agencies who were not eligible for the program.

Migrant labor opportunities represent a Faustian bargain for Sri Lanka. Approximately
17% of the labor force is engaged in migrant work in the Gulf region, access to these employ-
ment opportunities can be transformative (Dinkelman and Mariotti, 2016; Theoharides, 2018),
and remittances of foreign currency are crucial to macroeconomic stability. However, labor
abuses are commonplace: employers routinely withhold pay, often renege on contractually
agreed-upon amenities, and engage in physical abuse (HRW, 2010). These concerns have led
the Sri Lankan government, among others, to institute sweeping restrictions on migration to
the Gulf region at a great potential welfare cost.5 However, there is limited research examin-

1For example, see Clemens (2013), Gibson and McKenzie (2014), Hendricks and Schoellman (2018).
2By ’Gulf region’ we refer to the countries belonging to the Gulf Cooperation Council (GCC).
3See Demaret (2006) for the Gulf region, and Orrenius et al. (2001) regarding the US southern border.
4Placement quality is a bundle of wage and non-wage amenities encompassing the safety of a workplace.
5In recent years, the governments of Sri Lanka, Nepal, Indonesia and the Philippines have instituted policies
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ing whether governments can instead use regulatory policy to induce local intermediaries to
improve the quality of migrant placements. Descriptive evidence from our study setting hints
at why such policies may have bite: the time-invariant characteristics of local intermediaries
systematically co-vary with the incidence of migrant abuse, suggesting they may have access
to private information on the quality of foreign employers (Fernando and Lodermeier, 2022).6

We investigate whether local recruitment agencies respond to a government-run agency
rating program, using a unique administrative dataset that allows us to link over 1.5 mil-
lion Sri Lankan migrants over a decade to recruitment agencies and foreign employers. To
assess placement quality, we merge this dataset with data on contractual provisions and
worker complaints—ranging from physical abuse to breach of contract—made to Sri Lankan
consulates across the Gulf region. We complement these administrative datasets with orig-
inal surveys of approximately 20% of Sri Lankan recruitment agencies that were active at
the time. The agency rating program created incentives for agencies to expand opportuni-
ties for Sri Lankan migrants—in particular, into sectors and countries where abuse is less
prevalent—and improve placement quality in existing sectors such as domestic work. The
government first announced the rating criteria in early 2010 and then publicly revealed a star
rating—ranging from zero to five stars—based on administrative data and third-party audits.7

The star ratings were first announced in a public ceremony in February, 2012 and later made
available on an online database in June of the same year.

Eligibility for the program is based on criteria that preceded the announcement of the
program—agencies were eligible if they recruited at least 100 migrants in 2009. Consequently,
agencies could not select into the program and, as per the program rules, they could not opt
out of it. These facts motivate a difference-in-difference design that compares eligible agencies
who recruited just above the 100 migrant threshold to a set of comparison agencies who
recruited just below it.8 Our identifying assumption is that eligibility is not systematically
correlated with agency trends but, rather, reflect stochastic differences in recruitment; an
assumption supported by F-tests of the lagged differences of our main outcomes. We estimate
the effects of the program for the period after the rating criteria were announced but prior to
the revelation of ratings (i.e. 2010-2012)—which we refer to as the “reputational incentives”
phase—and the period succeeding revelation (i.e. > 2012), which we refer to as the “quality
revelation” phase. Importantly, outcomes during the reputational incentives phase can only
be influenced by agencies as the star ratings are yet to be made public. In contrast, the quality
revelation phase combines the effects of revealing a rating—to which both employers and
migrants can respond—and the effects of reputational incentives.

We have three main findings. First, pre-program underperforming agencies respond to repu-

that seek to ban groups of female domestic workers from seeking work in the Gulf region (Shivakoti et al., 2021).
6We use the term ‘foreign employer’ to refer to both individual employers in destination countries and foreign

recruitment agencies who may recruit domestic workers, for example, and then place them at households.
7The criteria include total recruitment, the skill intensity of jobs matched, and an agency’s performance in

resolving complaints. For a full list of these, see Appendix A.1.
8In order to select a set of comparable agencies, we use an algorithm developed by Calonico et al. (2014) that,

in essence, assesses balance across a set of pre-specified pre-treatment characteristics. This algorithm yields an
optimal sample that contains 208 agencies who recruited between 45 and 155 migrants in 2009.
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tational incentives, experience higher foreign employer demand, and are less likely to exit the market.
To assess investments in the rating criteria announced by the government, we use a sum-
mary measure developed by the government—the “quantitative score”—which aggregates
outcomes across a set of criteria relating to the composition of recruitment and complaint
management (see Appendix A.1). To estimate program effects by (pre-program, i.e. < 2010)
agency quality, we use the ratings formula to compute a “predicted rating” for both eligible
and comparison agencies.9 We denote agencies who have a below median predicted rating
as pre-program underperforming or “low quality” agencies and find that the program in-
duces a modest increase (4%) in their quantitative score prior to quality revelation. However,
these agencies receive substantially more demand (52%) from foreign employers relative to
the comparison mean. Overall, while eligible agencies are approximately 30% less likely to
exit the market, pre-program underperforming agencies are 67% less likely to exit the market
relative to the comparison group.10

Second, the program induces eligible agencies to improve placement quality and this too is largely
driven by pre-program underperforming agencies. We find that migrants placed by eligible pre-
program underperforming agencies report monthly salaries that are $38 (23%) higher than
the comparison mean. Further, these agencies are 40% more likely to place migrants with a
less abusive employer: i.e. one with a below median pre-program complaint rate (hereafter, a
“good employer”). Using an index that aggregates multiple measures of contract quality, we
find that low quality eligible agencies increase contract quality by 0.26 standard deviations.11

Perhaps as a result of better placement quality, migrants placed by pre-program underper-
forming agencies are 18% more likely to renew their contract with an employer relative to the
comparison mean.

Finally, improvements in placement quality occur prior to quality revelation, suggesting the pro-
gram induced underperforming agencies to screen foreign employers. Increases in average salaries
and the share of job orders from good employers begin during the reputational incentives
phase. As the star ratings are yet to be made public, these effects are necessarily a conse-
quence of agency responses to the program and preclude responses by foreign employers
and migrants. During this period, we find little to distinguish migrants recruited by eligible
and comparison agencies on observable characteristics. In addition, eligible agencies are no
more likely to place migrants with “new employers”: those we do not observe in our dataset
prior to when the program began. Rather, when we focus on the intensive margin—the set of
employers known to agencies prior to the program—we find that eligible agencies are more
likely to place migrants with good employers, but this shift begins prior to quality revela-
tion (see Figure 4). The timing of this shift suggests it is driven by eligible agencies placing
migrants with safer employers who were previously known to them.

9To compute the “predicted rating” we use the fact that the rating calculated by the government is, in part, a
function of administrative data collected prior to the announcement of the program. As such, we use the quan-
titative criteria to predict the continuous rating and use the fitted values to construct a counterfactual predicted
rating for comparison agencies.

10Exit here is defined as an agency that reports zero migrants recruited for at least 12 consecutive months.
11The index of contract quality is a normalized index incorporating whether or not an employer provides

health insurance, accommodation, return airfare and the salary range paid to workers. Index components are
weighted by the inverse of the covariance matrix as in Anderson (2008).
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Collectively our results suggest that the introduction of the program created reputational
incentives that induced eligible agencies to improve their placement quality prior to quality
revelation. In so doing, eligible agencies appear to reduce the number of migrants they recruit
(imprecise) hinting at a quantity-quality trade-off. Further, we estimate spillover effects for
comparison agencies by comparing whether or not they were in the immediate vicinity of
an eligible agency. We find that the program induces positive spillovers, increasing demand
and migrant recruitment for exposed comparison agencies. This result, at once, suggests
that we are underestimating the effect of the program and that eligible agencies may face
large fixed costs in securing new demand. These fixed costs may be shared with neighboring
agencies—who are often clustered near each other—so as to allow agencies with limited
recruitment networks to satisfy new job orders. We explore the robustness of our results to
using alternative sample thresholds and measures of pre-program agency quality and arrive
at qualitatively similar conclusions.

To verify the plausibility of our proposed mechanism—that agency’s are induced to
screen foreign employers—we use detailed original surveys with 109 recruitment agencies
(approximately 20% of all active agencies at the time) and find that half of these agencies had
rejected a job order in the past year and 52% of these agencies cited safety concerns as a reason
for doing so.12

However, we also find some evidence to suggest that the program facilitated screening
by foreign employers. Using the exact ratings formula to construct a regression discontinuity
design, we compare agencies who are just above and below star-specific thresholds.13 Pooling
across the thresholds, we find that a marginal star leads to a 57% increase in the number of
job orders. In contrast, we do not find evidence to suggest that migrants responded to the
star ratings: higher rated agencies do not recruit more migrants; migrants who had registered
a complaint prior to the program and especially vulnerable groups of migrants were no more
likely to pick a higher rated agency. This is unsurprising as the ratings were largely made
available on the internet which, at the time, less that 12% of the Sri Lankan population had
access to. Furthermore, surveys with migrants, suggest that just 14% had ever heard of the
ratings program.

Even though underperforming agencies drive many of the observed effects, they still end
up with relatively lower star ratings. As such, we view the overall program effect as being a
combination of incentives that induce underperforming agencies to improve their operations
and a certification effect whereby the rating program improved the visibility of less well-
known agencies; in particular, the benefits are less a function of the number of stars an
agency receives—the marginal benefits of exposure are lower for well-known agencies—and
more on account of whether they receive a star at all.

Our paper is unique in its ability to capture the response of migration intermediaries
to changes in regulatory policy. The paper closest to our own, Bazzi et al. (2021), uses an

12Note, these results are not program effects. We surveyed recruitment agencies in 2019 so as to understand
whether and how agencies screen foreign employers.

13The star ratings map to thresholds on a continuous score: the “combined score”, see section 2.4.3 for details.
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experiment to estimate how migrants respond to information on intermediary quality in In-
donesia. In contrast, the policy we study influences the actions of foreign employers and
intermediaries. This an especially relevant margin to examine given that the structure of mi-
grant recruitment networks is often characterized by local intermediaries who sub-contract
recruitment to ‘sub-intermediaries’—thereby obscuring and reducing the relevance of their
own reputations to migrants—and may wield considerable market power inhibiting the scope
for migrant choice. While the existing literature on intermediaries has focused on product
market intermediaries and how they address market failures and influence competition and
prices, the role of labor market intermediaries, in spite of their ubiquity, has received limited
attention (Bardhan et al., 2013; Startz, 2016; Mitra et al., 2018; Bergquist and Dinerstein, 2020;
Atkin and Donaldson, 2021; Grant and Startz, 2019).14 These intermediaries typically act as
‘match makers’ rather than ‘market makers’—in that they do not buy and sell a standardized
product15—and, as such, screening is likely to be an especially important function, which we
are able to assess by quantifying multiple dimensions of placement quality.

Second, we contribute to the literature on international migration. A number of stud-
ies have quantified the enormous wage gains from international migration (Gibson et al.,
2017; Clemens, 2013; McKenzie et al., 2010; Hendricks and Schoellman, 2018), while others
have estimated the effects of providing accurate information about the returns of migration
(Shrestha, 2017; Shrestha and Yang, 2019; Batista and McKenzie, 2021). Comparatively less
attention has been paid to the quality of migrant placements—likely owing to the difficulty
and political sensitivity of collecting reliable data—in spite of the recognition that migrant
labor may constitute a ‘repugnant’ transaction (Clemens, 2018) and research estimating the
monopsony power of employers in migrant labor markets (Naidu et al., 2016). Our ability
to link migrants to employers, intermediaries, and consular reports of employer malpractice
and abuse allows us to quantify the quality of migrant placements and consider how domestic
regulatory policy in source countries may improve the placements of their migrant workers
overseas.

Finally, our paper contributes to a literature examining the importance of information
provision and reputational mechanisms in markets. In the development literature, research
has focused on the importance of reputations and relational contracting in buyer-seller rela-
tionships where contract enforcement is costly (Macchiavello and Morjaria, 2015, 2021) and
how the experimental revelation of quality can influence market-level outcomes (Andrabi
et al., 2017). More generally, Jin and Leslie (2003) explore the effects of the introduction of
restaurant hygiene cards in Los Angeles on customer demand, while Luca (2016) investigates
the impact of Yelp reviews on consumer demand and restaurant revenues.16 In contrast, our
paper studies how quality revelation of intermediaries can influence demand and supply re-
sponses in the high-stakes world of international migration. In a similar study to our own,

14An exception is the work of Lee (2007) on public employment agencies in the US. He shows that the creation
of public recruitment agencies in the U.S. was a feasible policy response to increase competition with private
agencies and temper firm-side adverse selection.

15See Yavaş (1994) for an analysis of the role of these respective types of intermediaries and how equilibrium
market outcomes may differ in their absence.

16See Dranove and Jin (2010) for a review of the literature on quality disclosure and certification.
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Benson et al. (2019) investigates the value of employer ratings on an online labor market, by
comparing employers who are exogenously assigned a reputation. They find that “good”
employers attract workers at nearly twice the rate and show that this is driven by workers
using tools to screen employers. In contrast to this paper, we examine how governments may
exploit reputational mechanisms towards similar regulatory ends. Our results suggest that
both reputations and incentives to build a reputation matter in migrant labor markets.

The remainder of the paper is structured as follows: Section 2 describes the background
of our study and the design of the agency ratings program. Section 3 outlines a conceptual
framework with which to interpret our empirical results. Section 4 describes our data and
Section 5 presents our empirical strategy. Section 6 presents our results and Section 7 explores
the mechanisms underlying our results. Section 8 explores the robustness of our results and
Section 9 concludes.

2 Background: Migration Overview and Regulatory Framework

2.1 International Labor Migration in Sri Lanka

An estimated 1.5 million Sri Lankan workers, roughly 17% of the labor force, were employed
abroad in the Gulf region in 2015.17 In recent years, roughly 200,000 Sri Lankan migrants have
sought employment abroad and are roughly evenly split on gender. Given these magnitudes,
remittances represent an important source of foreign currency and accounted for 8.5% of GDP
in 2015.

Historically, overseas labor migration accelerated in Sri Lanka in the 1970s on account of
a rise in labor demand due to high oil prices. This increase in demand encompassed many
sectors but the bulk of the demand consists of laborers in construction, vehicle operators,
and domestic workers, who are primarily women. The Gulf Region, remains the top des-
tination for Sri Lankan migrants— accounting for over 90% of migrants in our data —but
there are persistent concerns about labor abuses as documented by human rights groups
(HRW, 2007; International, 2020), across a variety of different studies drawing upon detailed
ethnographic studies of Sri Lankan migrants (Abu-Habib, 1998; Agunias, 2011; Frantz, 2008;
Jureidini and Moukarbel, 2004), and in a descriptive paper that uses our administrative data
to (quantitatively) explore the nature and extent of abuses faced by Sri Lankan migrant work-
ers (Fernando and Lodermeier, 2022).

2.2 Regulatory Framework

The rapid growth in scope and scale of the foreign recruitment industry in the 1970s together
with growing concerns about unscrupulous recruitment practices and unsafe employment,

17This figure is calculated using publicly available data from the International Labor Organization which
estimates the Sri Lankan labor force in 2020 at 8.6 million and a report from the foreign ministry which estimates
the stock of migrants in the Gulf countries at 1.5 million (Aryasinha, 2020)
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particularly in the case of female domestic workers18, led to the creation of a regulatory body
to oversee migration: the Sri Lanka Bureau of Foreign Employment (SLBFE) in 1985.19. The
SLBFE was given legal authority to enter into agreements with foreign countries, employers
and agencies, enact programs offering technical assistance to migrant workers and their fam-
ilies, and regulate local recruitment agencies through the institution and enforcement of legal
standards.

Since 1996, migrant registration—the basis of our administrative data—with the SLBFE
has been compulsory. This is in part enforced by monitoring at the airport; prospective mi-
grants are denied boarding if they do not have a SLBFE registration stamp on their passport.
In addition, consular assistance and the costs of repatriation and other assistance are available
to registered migrants.20

Motivated by concerns about worker abuses, in major migrant destination countries, Sri
Lankan foreign missions have a labor section devoted to supporting Sri Lankan migrants and
registering and addressing complaints; in addition they may arrange repatriation or access
to safe houses in severe cases (ILO, 2013). Migrant workers or their family members are able
to register complaints at Sri Lankan missions (see Appendix A.3 for an example of back and
forth between the SLBFE and an agency regarding a complaint). In late 2013, the Sri Lankan
government, once more concerned by abuses against female domestic workers, enacted the
Family Background Report policy, which imposed a set of restrictions for women intending
to migrate to the Gulf countries for domestic work; these included banning women under the
age of 21 and those with children under the age of five, irrespective of their own age (Peru,
2022). As a consequence, female domestic worker migration to the Gulf countries saw a large
reduction after 2013.

2.3 Current Recruitment Process

The current process for recruiting a migrant worker can take anywhere from 2-5 months to
complete (see Appendix A.5 for a summary). In order to recruit a Sri Lankan worker, a
prospective foreign employer must register with the SLBFE through a Sri Lankan Foreign
Mission and have in mind a licensed recruitment agency in Sri Lankan with whom they want
to work. If these requirements are met, there is a 13-step process from the point contact
is initiated to the final approval for a migrant worker’s departure. In the first step, the
foreign agency or employer creates a ‘job order,’ which describes the labor requirements and
associated salaries and benefits, including coverage of food, accommodation, air travel, or

18See Alfano (2010); Somarathna (2011); Silva (2013); Somarathna (2015); Jayawardhane (2018) for examples of
reporting on abuses faced by Sri Lankan migrants in local newspapers.

19‘Foreign Employment Agency Act No. 32’, often referred to as the ‘SLBFE’ Act.
20Note, as Sri Lanka is an island, air travel is typically the only means to reach migrant destinations in the Gulf.

This reduces the possibility of ’irregular’ migration flows through porous land borders. While there is anecdotal
evidence suggesting tourist visa overstays are a means of irregular migration, we know of no source that provides
reliable estimates for this phenomenon and it is unlikely to be quantitatively important because the countries we
examine typically use the Kafala system which requires that individual employers petition for a visa on behalf of a
worker that is job-specific. While this makes job switching difficult, absent reforms of the type studied by Naidu
et al. (2016), it also would make job entry for undocumented migrants very difficult.
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medical facilities. The Foreign Mission will authenticate the job order and then the local
agency will receive the job order. The foreign employer may send the same job order to up to
five local agencies. The local agency must then complete the paperwork and submit the job
order to the SLBFE for a “First Approval”.

If the job order is approved by the SLBFE, the local agency may advertise in the SLBFE job
bank or through local media. Potential migrants are then interviewed and selected. Selected
individuals must pass a medical examination, a background check by the Sri Lankan police,
and, in some cases, undergo a basic training21. The local agency sends prospective worker
information to the foreign employer who then obtains visa clearance for the migrant and the
local agency obtains visa and air tickets. If the prospective migrant clears these requirements,
the job order is sent for final approval to the SLBFE. In the final step, the SLBFE grants final
approval and stamps the migrant worker’s passport.

2.4 Agency Ratings Program

2.4.1 Motivation and Rationale

Due to domestic political pressures and the increased salience of abuses committed against
Sri Lankan migrants22 the SLBFE devised a program to rate local recruitment agencies to
improve professionalism in the industry and address public sentiment regarding the safety of
jobs in the Gulf region. The program states that it has the goal of assisting foreign employers
to identify suitable local agencies, motivating agencies to improve their own standards, and
providing information to migrants on reputable agencies.

In the booklet provided to agencies (see Appendix A.4 for a summarized version), the
criteria listed for evaluation and the ‘Proposals and Suggestions’ made by the government
reveal three main areas that the program seeks to improve: (1) ‘Record-Keeping Practices’:
the program encourages the standardization of record-keeping practices towards minimizing
fraud.23 (2) ‘Job Composition’: the program encourages agencies to develop new markets
and high-skill opportunities for Sri Lankan workers. The goal here in particular is to reward
placements in sectors and destinations that may have less abusive conditions, (3) ‘Placement
Quality’: the program encourages agencies to resolve complaints made by migrants and be
more vigilant about issues migrants face at their workplace.24

21These requirements vary by country and position.
22The case of Rizana Nafeek, a Sri Lankan domestic worker who was sentenced to death in Saudi Arabia in

2007 and subsequently beheaded, was an especially pivotal moment in building momentum for reforms (Silva,
2013)

23For example, the government suggests that agencies should ‘Update the records and documents [including]
data sheets of Sri Lankan employees and approved job orders’ and ’[Maintain] records of statutory refunds made
by SLBFE, passport details, employers and commissions received.’

24For example, the booklet states: ‘If 10 prosecutions [unresolved complaints that have gone through adjudica-
tion] are against an agency, then they will be disqualified from the grading system.’ The booklet further suggests
that ‘agencies will receive minus points if there are complaints against agencies lodged by the migrant worker, rel-
atives, family members, foreign agencies and foreign employers’ and that agencies should ‘pay attention towards
the benefits and salary of the migrant worker as mentioned in the agreement throughout the contract period and
persuade the foreign employer if necessary.’
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2.4.2 Eligibility for Program Timing

Agencies meeting the following criteria were eligible for the program: (i) recruited more than
100 migrants during 2009; (ii) held a valid license for more than a year; (iii) not engaged
in underage recruitment; (iv) not convicted of submitting false documents; and (v) not have
more than 10 pending legal cases.

Recruitment agencies were first made aware of the program in early 2010 through an
online system managed by the SLBFE (See Figure 1 for a detailed timeline). Agencies were
then provided with a booklet that described the eligibility criteria for the program, the goals
of the program and the criteria used in the assessment (See Appendix A.4). The booklet does
not describe a precise formula between the criteria and the rating, nor does it make clear
whether any retrospective data will be used or only future data.

Third-party audits to assess compliance with SLBFE standards (details below) were con-
ducted by the Sri Lanka Standards Institute (SLSI) and the Sri Lanka Institute of Marketing
(SLIM). The visits were not pre-announced and took place in 2011; only eligible agencies
were audited. Finally, ratings were announced in an award ceremony in February 2012 while
a searchable database of the ratings were made available online in June 2012.

2.4.3 Ratings Formula

Agencies were awarded a “star rating” between zero to five stars based on thresholds cor-
responding to a continuous score—hereafter, the “combined Score”—that aggregates their
outcomes across a set of criteria.25 The combined score is itself a weighted combination of
a “quantitative score” that uses administrative data—the criteria include the volume of re-
cruitment, skill and market diversification and the successful resolution of complaints—and
a “qualitative score” that uses data collected through the third-party audits which captured
an assessment of record-keeping consistent with policy, the maintenance of office premises,
and the qualifications of agency staff (See Appendix A.1 for details on the criteria used for
evaluation).

As third-party audits occurred after the program announcement, agencies were able to
influence their qualitative score. In contrast, the government chose to use data from 2009,
i.e. pre-program data, for the quantitative score in order to compute the combined score and,
therefore, the star rating in 2012. To re-iterate, in spite of informing agencies that they would
be graded on a set of criteria in the future—and, thereby, creating reputational incentives—at
least part of the star rating was a function of data that could not be influenced by the agen-
cies.26 Here, it is important to note that agencies were not made aware of the use of the
pre-program quantitative rating in the booklet, nor did the SLBFE did not provide a rationale
for this.

25To be clear, where c is the combined score used by the government to determine star ratings. c =
F(quantitative score, qualitative score) and c is then mapped to a star rating as follows—0 stars: 0 ≤ c ≤ 19.9
, 1 star: 20 ≤ c ≤ 34.9, 2 stars: 35 ≤ c ≤ 49.9, 3 stars: 50 ≤ c ≤ 59.9, 4 stars: 60 ≤ c ≤ 79.9, and 5 stars: c ≥ 80.

26We compute that if the government instead used the 2011 quantitative score, 5 out of 77 agencies eligible
agencies would have changed stars in the sample of eligibles used in this study, or 30 out of 307 of all eligibles.
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In summary, agencies were made aware of their eligibility for the program, the criteria
for the rating, and when they would be released to the public. Agencies are not told the precise
formula which maps the criteria to a star rating. Furthermore, the agencies are unaware that
the government ultimately used a pre-program measure for the quantitative score. Therefore,
from their perspective both the quantitative and qualitative score could be influenced by their
actions.27

2.4.4 Perceptions of Program and Star Ratings

Based on the eligibility criteria, 306 out of 800 operational agencies were eligible for the
program. Out of these eligible agencies, 34 agencies received zero stars, 58 agencies received
one star, 155 agencies received two stars, 52 agencies received three stars and eight agencies
received four stars. No agency received five stars (see Appendix A.6). Consequently, while the
star ratings certainly have a cardinal interpretation—a four star agency is certainly better than
a two star agency—the more salient effect might have been a “certification effect” particularly
for less well-known agencies.

Consider a foreign employer who intends to recruit Sri Lankan workers. They are re-
quired to pick up to five agencies and list them on a job order. How do they pick among the
800 or so active agencies? When an employer consults the SLBFE website—which hosts the
online job order management system—they immediately have access to the agency ratings
(see Appendix A.8 for the interface).28 To a foreign employer who may know little about the
details of the program29 the stars likely connote a sense of quality certification from the gov-
ernment. This interpretation is also confirmed by agencies: two star agencies were awarded
trophies and would often display this fact in their marketing (see Appendix A.9). As such,
from an agency’s perspective, the program primarily stands to improve their visibility and
reputation. However, as the regulator has legal powers to blacklist agencies and reward agen-
cies with new opportunities it is very much in the interest of an agency to curry favor with a
regulator.

3 Conceptual Framework

3.1 Migration Intermediaries and Reputational Incentives

Where information frictions obscure intermediary quality, intermediaries may have little in-
centive to invest in the quality of their placements. Prior to the ratings program being intro-
duced, we find little evidence of systematic sorting among recruitment agencies and employ-

27It is also important to note here that while the government stated the importance of both complaint resolution
and the incidence of complaints as factors that would influence the rating, they ultimately chose only to include
complaint resolution. Agencies, however, were not aware of this.

28Interviews with members of the labor section of Sri Lankan foreign missions have also suggested that printed
copies of the ratings were made available to employers. This is, however, not a uniform policy.

29In order to learn about the details of the program and what the stars measure the research team had to hire
a former employee of the SLBFE who designed the program.
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ers: the probability density function for agency quality—as measured by their future ratings
in the program— corresponding to matches with “good employers” (those with below median
pre-program complaint rates) and the density function for “bad employers” (above median)
show considerable overlap (see Appendix A.14). Motivated by this descriptive evidence, we
outline a conceptual framework to understand the interplay between recruitment agencies
and foreign employers. Migrants are assumed to play a passive role as we believe their access
to the ratings was extremely limited (see section 7.3 for further discussion).30

We note here that the goal of this framework is not to understand how the policy influ-
ences the market in general equilibrium as we neither observe commissions paid by employers
nor their entry and exit decisions. Rather, the model focuses on understanding the employer-
agency contracting problem during the period of reputational incentives for two key reasons.
First, as the following sections will reveal, our key results arise prior to quality revelation
implying that behavioral responses to reputational incentives are critical to interpreting our
estimates. Second, our primary identification strategy allows us to estimate the effect of the
program on agency actions—as opposed to migrant or employer responses and agencies are
the only actors who can respond to program incentives during the reputational incentives
phase. In contrast, after quality revelation, our results capture equilibrium responses from all
actors making the interpretation of results more difficult.

3.2 Market Structure and Contracting Problem

We assume there is a dual market consisting of two types of employers and, as in Bulow
and Summers (1986), prices (i.e. commissions paid to agencies) across employer types do not
converge. In support of this assumption, Appendix A.15 shows that employers with low pre-
program complaint rates also pay the highest salaries and offer better amenities. The absence
of a compensating differential in this case is consistent with the high degree of monopsony
power that employers have in this context as suggested by Naidu et al. (2016).

Good employers would like agencies to invest in screening because it improves match
quality which augments the productivity of hired labor.31 However, screening is imperfectly
observed because of information frictions and cannot be explicitly contracted on. As such,
good employers pay commissions in order to induce agencies to invest effort in screening.32

Bad Employers, in contrast, care little about screening: they pay a fixed commission and have
a perfectly elastic demand—they can switch to other countries providing migrants.

30The ratings were primarily made available on the SLBFE website and in the migrant survey we conducted,
just 3% of surveyed migrants say they used the internet to learn about an agency; this is perhaps unsurprising
given that just 12.1% of the Sri Lankan population had access to the internet in 2015—the final year of our dataset
(Bank, 2021).

31We have in mind here that agencies that invest in screening do their due diligence on employers and are
better able to prepare migrants for employers producing better matches. We assume good employers invest in
training and provide amenities, thereby increasing the costs of turnover. For example, an employer hiring a
domestic worker for child care may train that worker resulting in specific human capital that is costly if a worker
chooses to leave. We assume this concern is less relevant in the case of an employer who hires a domestic worker
and intends to renege on contractual provisions and expects them to leave.

32Here our description of the contracting problem is motivated by the literature on effort regulation as in
Stiglitz (1974),Bowles and Boyer (1988), and Bulow and Summers (1986).
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The key decision our model highlights is whether recruitment agencies invest effort to
screen employers abroad.33 Screening is costly, but it improves the probability that a migrant
is matched with a good employer which allows an agency to avoid the financial and reputa-
tional costs of a bad match. In addition, we assume that when agencies invest in screening
they are also better able to prepare migrants for their eventual employers, improving match
quality. Bad employers, however, pay higher commissions in order to entice agencies. While
we do not observe commissions in our data, we base this assumption on findings from the
agency survey (see section 4): when asked what are “indications/signs of a foreign agency
or foreign employer that may endanger migrant workers,” nearly 40% of agencies suggested
a high commission is one sign, a fact consistent with the findings from detailed qualitative
interviews with agency owners in HRW (2007).

The model is solved sequentially. Good employers know an agency’s best response func-
tion and set commissions. Agencies then response with the optimal screening response and
good employers hire migrants such that the marginal product of labor equals the commission
paid per unit of effort.

3.3 Agency’s Problem

We assume that the cost of screening, c(e), is convex and increasing in e, where c(0) = 0
and e ≥ 0. Investing in effort increases the probability, θ(e), that a migrant is placed with
a good employer, which is concave and increasing in e with θ(0) = 0. We further assume
that agencies earn a commission pc if they send a migrant to a good employer and p̄ if they
send a migrant to a bad employer. However, if migrants are placed with a bad employer,
the agency is fined F which reflects the financial and reputational cost of resolving disputes,
where p̄ − F < pc. As such, agencies pick e to maximize profit:

πA(e; pc, p̄) = pcθ(e) + ( p̄ − F)[1 − θ(e)]− c(e) (1)

Yielding the following first order condition which implicitly defines the agency’s best re-
sponse function (note, subscripts indicate partial derivatives):

(pc − p̄ + F) =
ce(e)
θe(e)

(2)

3.4 Employer’s Problem

Good employers have a production function, F(.) which is concave and increasing in effective
labor units, eL. We assume the productivity of migrants hired L is augmented by effort
e invested by agencies because due diligence on employers also allows agencies to better
prepare migrants resulting in higher match quality. Employers hire migrants/labor, L, and
pay commission pc for each migrant. As such, good employers pick pc and L to maximize

33For examples of how agencies may invest in screening employers, see Panel A of Appendix B.1.
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their profit:

πE,Good(L, pc; p̄) = F(Le{pc})− pcL (3)

Yielding the following first order conditions:

epc =
e
pc (4)

FL =
pc

e
(5)

Equation 4 implicitly defines the optimal commission, p∗, that a good employer sets in
order to induce agencies to screen and states that agencies will set commissions such that the
marginal effort induced is equal to effort per unit commission. After setting this commission,
equation 5 suggests that good employers will continue hiring migrants (L) until the marginal
product of labor is equal to the commission per unit of effort.

We assume that bad employers have an identical production function, F(e), except labor
units are not augmented by e. As such, the pay a fixed commission, p̄ that is equal to the
marginal product of labor FL. Equations 2, 4, and 5 jointly determine the equilibrium contract
that is a mutual best response.

3.5 Response to Reputational Incentives

In the period between the announcement of the program and the public revelation of the
star ratings, only agencies can respond to the program. We assume the announcement of the
program increases the penalty for placing migrants with bad employers: from an initial F to
Fp. By equation 2, the convexity of c(e) and the concavity of θ(e) imply that the new fine, Fp,
will induce agencies to increase effort, e.

Prediction 1: The announcement of the ratings program will increase the financial and reputational
costs of a migrant being placed with a bad employer and induce agencies to invest additional effort to
screen employers.

If we assume agency heterogeneity such that pre-program underperforming agencies are not
as efficient at screening employers such that θLow

e (e) < θ
High
e (e) ∀ e, then it is clear from

equation 2 that low quality agencies will invest even more effort, e, to screen employers when
F is increased to Fp.

Prediction 2: The introduction of the ratings program will induce pre-program low quality agencies
to invest relatively more effort to screen employers.
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3.6 Commissions and Quality Revelation

We do not observe commissions in our data and, therefore, cannot empirically test predic-
tions on commissions. However, we note that equation 2 suggests that the introduction of
reputational incentives—i.e. an increase in F— will implicitly shift the best response function
for agencies, inducing more effort at each level of pC. This increase in demand for good
employers also implies that they will reduce the optimal commission, p∗, in response.

Further, quality revelation reduces contracting frictions by providing employers with a
clearer signal of e. We assume that good employers will pick higher rated agencies since this
would be equivalent to augmenting their production function with a higher value of e. Bad
employers, in contrast, have numerous other countries to source migrants from and, therefore,
we do not expect them to actively seek out lower rated agencies nor adjust their commissions
in response.

4 Data

We employ data from four sources in our analysis: (i) publicly available data on the agency
ratings program, (ii) administrative data from the SLBFE covering the period 2005-2015, (iii)
a detailed survey of 100 recruitment agencies conducted in 2019, (iv) a detailed survey of 246

migrants conducted in 2009:

4.1 Agency Ratings Data

We gather data on all agencies that receive a star-rating in 2012 from the SLBFE website.
These data include a unique license number for the agency, which allows us to match these
agencies in the administrative data.

4.2 Administrative Data

The primary data we use are administrative data collected by the SLBFE on the universe of
foreign job orders, local agencies, and migrants. We are able to match these data to each
other and to the agency ratings data. That is, for every migrant departure through a local
recruitment agency, we are able to link the migrant worker to the local agency they used and
to the specific job order under which they were recruited.

Foreign Job Orders: We observe all job orders that are initiated by an employer and then
approved by the SLBFE (we do not observe job order data for 2005 or 2014). There are 68,064

unique job orders. These data include occupation-level information on vacancies posted by
the foreign employer or agency with details on the skill requirements and the compensation
package, including salary and benefits (food, accommodation or travel allowance).

Local recruitment agencies: We observe 1510 unique SLBFE registered agencies over the 2005-
2015 period. This dataset provides the license number of the agency (the unique agency
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identifier) and its location and year of registration.

Migrant Trips: We observe the universe of migrant trips through licensed recruitment agen-
cies (1,543,441 trips, 1,066,825 unique individuals) from Sri Lanka to foreign destinations.
This dataset includes agency identifiers, migrant characteristics (age, sex, education, village,
and marital status), departure information (date, destination), and employment information
(salary and work sector).

Complaints: We observe complaints made by migrants or their family members to a Sri Lankan
consulate. There are 127,238 complaints from 112,000 unique individuals. Complaints may
range from breach of contract to sexual harassment.

4.3 Agency Survey

In June 2019, we conducted a survey of 109 recruitment agencies to obtain a richer under-
standing of how agencies solicit job orders and recruit migrants and their beliefs about the
rating program. We used administrative data to sample an even split between agencies based
in Colombo or Kurenegala—the two migration hubs—who recruited above and below 100

migrants using the 2015 administrative data.

4.4 Migrant Survey

We also surveyed 246 prospective and returned migrants in June 2019 to understand worker
decision-making regarding migration and awareness of the agency rating program. Our sam-
ple is by no means representative, we sampled workers at areas where they are likely to
congregate (e.g. temples, schools) using a ‘right-hand rule’ and snowball sampling across
two major migrant-sending cities: Colombo and Kurunegala.34

5 Empirical Strategy

In this section, we first describe the difference-in-difference model used to estimate the over-
all program effect that combines reputational incentives and quality revelation and we then
describe the regression discontinuity design which captures the effect of receiving a higher
rating.

34Enumerators visited the identified location to start the search for the household with someone who had
migrated to a Gulf country. Thereafter, an enumerator will walk through the right side of a lane to the selected
prominent place, and will not cross the borders of the selected area. Initially, every house will be visited until
someone who had been to the Middle East is selected. Once, such respondent is identified, an interview will
be carried out and at the end of the interview, the respondent will be asked to introduce or provide contacts of
similar people known to her or him. Through this process, the enumerator will collect a list of contacts while
carrying out the interviews, and will randomly select a person from the list of people created through such an
introduction.
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5.1 Program Effect: Reputational Incentives & Quality Revelation

5.1.1 Identification Strategy

As agencies were informed about the eligibility threshold retrospectively, they are unable to
select into the program. As agencies cannot refuse a rating—per program rules—they are
also unable to select out of it. As such, a natural counterfactual are those agencies who had a
license that was valid for a year but recruited just below 100 migrants.35

However, as Appendix A.10 shows, among agencies who had a valid license and were
active in 2009 (n = 653), there is considerable variation in recruitment. For example, 22% of
agencies sent less than 25 migrants, while nearly 19% sent over 300. Our ideal counterfactual
would be the set of agencies who, on average, have quite similar recruitment patterns but in
the year 2009 eligible agencies recruited slightly more owing purely to the stochastic nature
of recruitment.

In order to construct such a counterfactual—without picking an arbitrary interval above
and below the 100 migrant threshold—we use an algorithm developed to conduct balance
tests on pre-treatment variables for regression discontinuity designs by Calonico et al. (2014)
to pick a set of comparable agencies. In short, the algorithm conducts balance tests for pre-
specified pre-treatment characteristics using a progressively larger window across the thresh-
old until the test statistic suggests an imbalance.36 The pre-treatment variables we specified
are average migrant recruitment, job orders, and complaint intensity between 2005-2008 and
we find that the optimal sample contains agencies who recruited between 45 and 155 mi-
grants in 2009 which use in the main results reported below (we assess robustness to this
sample restriction in Section 8.2.) We note here that this sample restriction does not imply
that eligible agencies have low ratings: 65% of of eligible agencies in this sample have two or
more stars, while, in the full sample, 68% of eligible agencies have two or more stars.

5.1.2 Difference-in-Differences Specification

For agency i in month-year t, our main specification is:

Yit =δt + αi + β1Elig ∗ 1[2010 ≤ t < 2012]it + β2Elig ∗ 1[t ≥ 2012]it + τXit + ϵit (6)

In the specification above, δy are month-year fixed effects, αi is an agency fixed effect,

35While this cutoff suggests a regression discontinuity design, we do not believe this design is appropriate
as our primary specification for two reasons. First, the density of agencies at the cutoff is limited resulting
in standard mean square error optimizing bandwidth algorithms being underpowered. Second, we think it is
important to utilize pre-program information on agencies to explicitly control for trends that vary with agency
size and the quality as we detail in the next section.

36Specifically, the test constructs a sequence of nested windows around our 100-migrant eligibility cutoff into
the program; we specify a minimum window of 20 migrants to ensure a large enough sample for inference. The
algorithm successively increases the window size by 2.5 migrants, conducts binomial tests for our running variable
and balance tests for our given covariates. The algorithm then chooses the largest window around the cutoff such
that the p-value of the balance test is larger than a pre-specified level for all nested (smaller) windows, ensuring
these nested windows also cannot reject the null. The p-values are calculated using randomization inference.
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Elig is an indicator variable for an eligible agency, 1[2010 ≤ t < 2012] is an indicator variable
for month-years between January 2010 and May 2012, 1[t ≥ 2015] is an indicator variable for
month-years after (and including) June, 2012, and τXit are two sets of time varying controls:
the interaction of month-year fixed effects with average migrant recruitment between 2005-08,
and the interaction of month-year fixed effects with the average quantitative score between
2005-08.37 We cluster standard errors at the agency level.

Under the assumption of parallel trends, β1 is the causal effect of the program in the
period preceding the revelation of the star ratings quality revelation, i.e. the period in which
only reputational incentives are present, while β2 is the casual effect of the program in the
period after quality revelation which, of course, also includes the effects of reputational in-
centives.

Second, in order to understand how the program may have varying effects on pre-
program low and high quality agencies, we would ideally compare an eligible agency to
a comparison agency who would have received a similar rating had they been eligible for
the program. To approximate this ideal, we compute a counterfactual rating for the compar-
ison group: the Predicted Rating. Recall, that an agency’s star rating is a discrete function of
their combined score which, in turn, is a weighted combination of a qualitative score —de-
termined during third-party inspections—and their 2009 (i.e. pre-program) quantitative score
(See Section 2.4.3). We use the fact that part of the combined score is exogenous to compute
a Predicted Rating for both eligible and comparison agencies. To do so, we regress the actual
‘combined score’ that eligible agencies received on their ‘quantitative score’ from 2009. We
then use the coefficients produced to compute a Predicted Rating for the comparison agen-
cies.38 Appendix A.7 shows a histogram of the Predicted Rating variable for eligible and
comparison agencies.

We believe the Predicted Rating best captures the strength of incentives imposed on
agencies of varying pre-program agency quality. As such, we estimate the heterogeneous
effects of the program with respect to the Predicted Rating by interacting equation (6) with
an indicator variable for whether an agency is above (High) or below (Low) the median of
Predicted Rating.39

Yit = δt + αi + γ1High ∗ Postit + β1High ∗ Elig ∗ Postit+

β2Low ∗ Elig ∗ Postit + τXit + ϵit
(7)

The terms are as defined above, however, Postit refers to month-year observations after
37Even armed with a set of comparable agencies, we are concerned that agencies of varying size and quality

maybe subject to different shocks. As such, our main empirical specification allows for trends that vary with
average pre-program (2005-08) migrant recruitment and the average pre-program quantitative score (2005-08)
which we use as a proxy of agency quality: see Appendix A.11 for details of how the average quantitative score
is computed. We show in Appendix C.6 that our results are robust to excluding these trend controls; the major
difference is that the point estimates for migration are positive, though not significant (Panel C of Appendix C.6).
However, especially given that eligible agencies do, on average, recruit more than comparison agencies we believe
this is an important control to include.

38The quantitative score in 2009 is highly predictive of an agency’s ‘combined score’, with a t-stat of 15.05.
39We explain our reasons for using this measure of pre-program agency quality and assess the robustness of

our estimates to alternative measures of agency quality in Section 8.1.
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the introduction of the program. The High ∗ Postit term captures the trend for pre-program
high quality agencies in the comparison group (note, the analogous trend for Low agencies is
a linear combination of High ∗ Post and the month-year fixed effects.40 In the model above,
β1 is the causal effect of the program for pre-program high quality agencies, while β2 is the
analogous effect for pre-program low quality agencies.

5.1.3 Parallel Trends

Our identifying assumption is that eligible agencies and comparison agencies would follow a
parallel trend in the absence of the program. Towards providing evidence for this assumption,
Figure 2 plots average migrant recruitment by eligibility status for 6 quarters preceding the
introduction of the program.41 As the figure makes clear, recruitment is highly stochastic. The
scatter plot for eligible (red) and comparison (blue) agencies overlap considerably and reveals
the source of our identifying variation: agencies who are narrowly eligible or ineligible for the
program as a consequence of the stochastic nature of recruitment rather than unobservables.

Had the government used the 2008 migrant recruitment total instead of 2009 to deter-
mine eligibility for the program, 35% of our eligible agencies would have been ineligible and,
conversely, 26% of our comparison agencies would have been eligible. While this demon-
strates the arbitrary nature of program eligibility, we might then worry about these agencies
being on differential trends. In order to address this concern, we first plot the raw quarterly
average of migrants recruited by eligible agencies and comparison agencies (Panel A in Ap-
pendix B.7) and see that the trends track each other closely prior to the introduction of the
program (vertical blue line). Analogous charts plotting job orders (Panel B) and the complaint
rate42 (Panel C) yields a similar conclusion.

In order to test this more formally, when we plot a series of (month-year) interaction co-
efficients—i.e. the event study graphs—between an indicator variable for whether an agency
was eligible and a indicator for the month-year of the observation, with December 2009 as
the reference month (Figure 3). We see that the event study graphs for migrant recruitment
(Panel A), job orders (Panel B), and the share of migrants recruited who are domestic workers
(Panel C) in Figure 3 show no evidence of a systematic trend prior to the introduction of the
program. In Appendix C.1, this graphical intuition is confirmed by conducting F-tests for
lags: we reject the null for migrant recruitment (p-value: 0.52), job orders (p-value: 0.17), and
domestic worker share (p-value: 0.12); in each case the test incorporates 36 month-year lags
from the three years preceding the introduction of the program—those during which at least
90% of the agencies are operational—thereby reducing concerns about the statistical power to
test for differences in pre-trends (Roth, 2022).

40Note, in the models where we estimate heterogeneous effects by agency quality, we omit the interaction
between month-year fixed effects and the average quantitative score between 2005-08. This is both because the
model already allows for differential trends by quality and so as to avoid issues with collinearity.

41The figure corresponds to 208 agencies that recruited between 45-155 migrants in 2009, which represent 32%
of all active agencies.

42The complaint rate is the number of complaints divided by the number of migrants recruited.
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5.2 Summary Statistics

Table 1 provides descriptive statistics for our sample at the agency-month-year level using
data from 2005 to 2015.43 The average firm in our sample recruits 8.27 migrants per month. A
majority of these migrants are female, engage in domestic work, and roughly a quarter sought
work in Saudi Arabia, making it the most common destination for Sri Lankan migrants. The
median salary, measured in 2015 US dollars, for a migrant worker during this period is $171.

In terms of demand for foreign employers, the average number of job orders per month
for an agency is 0.51 and these job orders on average include 72 vacancies (i.e. order size) on
average.

Over our 10-year sample period, we find that on average 8% of migrants placed by an
agency result in a complaint. There is quite a bit of variation in complaint rates: while the
average complaint rate is 0.08, the 95th percentile of the complaint rate is 0.30. In Appendix
A.2, we categorize the types of complaints observed from 2005-15. The top three types of
complaints are: non-receipt of wages (17%), breach of employment contract (13%), and ha-
rassment (11%). Agencies resolve a large percentage, 87%, of the complaints filed, taking, on
average, 4.6 months to reach resolution. Indeed, complaints are generally resolved by agen-
cies—the unresolved complaints refer to ones made more recently—and differences in agency
performance relate to the time taken to resolve complaints.

6 Results

In this section, we present difference-in-difference estimates of the effect of the program. In
order to estimate the effect of reputational incentives, we report the difference-in-difference
estimate for the period prior to quality revelation in February, 2012—i.e. the coefficient on
Elig ∗ [2010− 12] in equation (6)— where agencies alone can respond to the program. We also
report the estimate for the period succeeding quality revelation—Elig ∗ [2012 − 15]—where
agencies, migrants, and employers can respond to the ratings.

We also assess how the estimated effects vary by pre-program agency quality as described
in (7). To do so, we compute the Predicted Rating44 for both eligible and comparison agencies
using data prior to the announcement of the program; High quality agencies are those who
have an above median Predicted Rating, while Low quality agencies are those who have a
below median Predicted Rating.

6.1 Rating Criteria

In Table 2, we first investigate whether agencies invested in the criteria set out by the gov-
ernment for the rating program. We do so by creating a contemporaneous monthly version
of the quantitative score used by the government to compute the star ratings. To recap, the

43Note, for variables corresponding to job orders, the data is missing for 2005 and 2014.
44See Section 5.1.2 for details on how the Predicted Rating is computed.
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quantitative score aggregates a set of criteria including the number of migrants recruited, the
skill-level of jobs, the destination of placements, cess payment, and the complaint settlement
rate.45. We consider this a relevant measure of investment into the ratings since it aggregates
a number of the criteria and uses the weights that, presumably, reflect how much the govern-
ment cares about these outcomes. In addition, we observe these outcomes for both eligible
and comparison agencies, in comparison to the qualitative score which is only available for
eligible agencies that were inspected during the audits. Using this monthly quantitative score,
we find that eligible agencies do not, on average, have a significantly higher quantitative score
(column 1) either before or after the ratings are announced although the point estimates are
both positive.

However, in Panel B, we see that pre-program underperforming agencies (i.e. below
median predicted rating), are significantly more likely to invest in the rating criteria: their
quantitative score increases by 0.20 p.p. (4% relative to the pre-program comparison mean);
moreover we can reject equality of coefficients between high and low quality agencies (p-value
= 0.02).46 In breaking down the quantitative score into its components, we do not find that
any specific criterion drives this increase (See Appendix B.8). The composition of migrants
recruited, both before quality revelation and after, is largely unchanged. One interpretation
of this result is that the Quantitative score yields a more powerful test by combining criteria
and using the weights that reflect the government’s priorities (See Appendix A.11 for details
of how the quantitative score is constructed). In sum, the results provide modest evidence
that underperforming agencies are induced to invest in the rating criteria announced by the
government.

6.2 Market Outcomes

In column 2 of Table 2, we find that the program did not increase the level of migrant recruit-
ment either on average (Panel A) or for agencies of varying by pre-program quality (Panel B).
If anything, the point estimates suggest that eligible agencies reduced the amount of migrants
they recruited prior to quality revelation—though these estimates are noisy—consistent with
the event study graphs in Panel A and D of figure 3. One interpretation of this result is that
agencies chose instead to focus on the quality of placements (which we explore further in
section 6.3). Another, not mutually exclusive, possibility is that there are large fixed costs
involved in securing a new job order and agencies are ill-equipped to recruit a large volume
of migrants. If so, there may be positive spillovers onto nearby agencies biasing down the
estimates for eligible agencies, a possibility we examine in section 6.4.2.

However, in column 3, we see that job orders—a measure of demand from foreign em-
ployers—increases by 24% (relative to the pre-program mean for the comparison group) prior
to the revelation of quality, though this estimate is not significant at conventional levels of

45See Appendix A.11 for details of how we constructed this measure.
46In Appendix B.2 we estimate our results by agency quality for the period of reputational incentives and

quality revelation. We see that the increase in the quantitative score occurs prior to the revelation of quality,
consistent with the idea that these agencies are responding to reputational incentives.
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statistical significance (t-statistic = 1.48). After quality revelation, eligible agencies see a 34%
increase in job orders. Once more, we see that these results are driven by pre-program under-
performing agencies; job orders for these agencies increase by 52% relative to the comparison
mean.47 These findings are also consistent with the event study graphs in figure 3; in partic-
ular, the post-program coefficients for low quality agencies (Panel E) show an upward trend
both prior to and after quality revelation. We note here that in the period prior to quality
revelation, employers and migrants have no means of responding to ratings and are likely
unaware of the program. As such, changes in job orders prior to quality revelation suggest
that eligible agencies are taking proactive steps after the announcement of rating criteria.48

How could it be that the program results in an increase in job orders but not migrant
recruitment? This result once again hints at a quantity-quality trade-off: eligible agencies
intent on prioritizing quality may want to diversify their placements and shop around for
less abusive employers. Appendix B.3 suggests that eligible agencies and, especially, low
quality eligible agencies increase the number of unique employers with whom they work
(38% increase). Importantly, this increase in unique employers is driven by employers who
are previously known to these agencies, as opposed to new employers with whom they had not
previously (i.e. pre-program) worked. This change in job order and employer composition
suggests that agencies maybe using private information to screen employers, a subject we
discuss in section 7.1.

Finally, in column 4, we estimate whether the program influenced the survival of eligible
agencies in the market as assessed by whether an agency has 12 consecutive months of zero
migrant recruitment.49 We see that even prior to the revelation of quality, eligible agencies
are 32% less likely to exit the market.50 This effect is even higher for pre-program low quality
agencies who are over 67% less likely to exit the market relative to similar comparison agen-
cies. We also note here that adjusting our prior estimates for agency exit (see Appendix C.5)
reduces their precisions but does not change our qualitative findings.

Collectively, these results provide evidence that pre-program underperforming agencies
were especially likely to respond to program incentives and, as a consequence, differentially
benefited from the program prior to the revelation of quality.

6.3 Placement Quality

In the prior section, we saw some evidence suggesting that agencies may have sought to
influence the composition of employers with whom they worked. In Table 3, we investigate
this possibility in more detail and assess whether the program influenced a series of proxies
for the placement quality of agencies. In column 1, we find that the program increased

47In Appendix B.2, we see that this increase in job orders for low quality agencies occurs prior to and after the
revelation of quality.

48When we estimate program effects by agency quality and period—Appendix B.2 we see that the increase in
job orders for low quality agencies is precisely estimated both prior to and following quality revelation.

49These results are robust to using a 6 month, 12 month or 24 month definition instead. See Appendix C.2.
50Note, the comparison mean here is post-program as it is undefined in the period prior to the introduction of

the program.
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average salaries of migrants placed by eligible agencies by $18 (11%) per month prior to
the revelation of quality. After quality revelation, average salaries are $23 higher but this
estimate is not significant at conventional levels (t-statistic = 1.64). Turning attention to effect
heterogeneity by pre-program agency quality (Panel B), a similar story emerges. Eligible
agencies with lower pre-program quality drive the increase in salaries for migrant placements
(23% increase), though we cannot reject equality of coefficients between high and low agencies
(p-value = 0.19).

An alternative measure of placement quality is to compute whether migrants placed by
agencies decide to renew their contracts with the same employer, as turnover is an important
concern in the industry and indicative of match quality. In column 2, we compute the program
effect on ‘Contract Renewal’ which reports the share of migrants placed by an agency after
the program was introduced who subsequently returned to the same employer. While we do
not find that the program had an average effect on contract renewal, we find that migrants
placed by pre-program underperforming agencies are significantly more likely to return to
the same employer after the program; the effect size is substantial and reflects an increase of
18% relative to the pre-program comparison mean and we can reject equality of coefficients
between high and low quality agencies.51

In column 3, we turn our attention to the quality of foreign employers at which migrants
were placed.52 We use pre-program information on these employers to distinguish job orders
originating from less abusive employers (below median pre-program complaint rates) and
find that the program resulted in a 36% increase in such job orders (‘Good Orders’) prior
to quality revelation. While our point estimates for pre-program low quality agencies are
more precisely estimated, they are statistically indistinguishable from those for high quality
agencies.

Finally, we use an index of contract quality—which takes into account the provision
of contractual amenities such as health insurance, accommodation and return airfare—we
see that the program increases contract quality by 0.26 standard deviations for low quality
agencies.53

Collectively, these results suggest the program induced eligible agencies—and, especially,
underperforming agencies—to improve the quality of their placements prior to quality revela-
tion. Appendix B.5 estimates effects on placement quality prior to and after quality revelation
by agency quality. We see that the effects on salary, ‘Good orders’, and contract quality arise
prior to quality revelation. Contract renewal, understandably, does not, since contracts typi-
cally last two to three years and quality revelation occurs two years after the announcement

51When we estimate effects on contract renewal using all agencies (Appendix C.4) we find more precisely
estimated effects that are between 11-14%.

52We note here that our data do not allow us to distinguish between an individual employer (e.g. a construction
firm) or a foreign recruitment agency that places domestic workers in households; we refer to both of these groups
as ‘foreign employers’.

53Appendix B.4 computes program effects for each of the constituent variables of the contract quality index. In
Panel A, we observe that there is a positive and significant effect of the program on job orders providing migrants
with health insurance and board. When we examine effect heterogeneity by the pre-program agency quality,
we again find considerably larger effects for previously underperforming agencies, who, in addition, receive job
orders that are more likely to have higher stipulated and return airfare.
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of the program. We interpret these results as evidence of agencies being induced to screen
employers, which we discuss in further detail in Section (Section 7.1).

6.4 Market Structure and Spillover Effects

The preceding results suggest that the program influenced a number of important outcomes
for agencies. However, do these effects vary by local market structure and, similarly, do eli-
gible agencies have spillover effects on comparison agencies? We consider Divisional Secre-
tariats—the administrative unit below a district—as roughly corresponding to a local market.
There are 78 Divisional Secretariats in the data and they are comparable to a US county.

6.4.1 Market Structure

To explore how the effects of the program vary with market structure, we construct a a proxy
for the level of competition that an agency faces in local markets.

In Panel A of Table 4 we compute effect heterogeneity with respect to the number of other
recruitment agencies with physical premises in close proximity. Recruitment agencies are
often clustered in the same area in large cities as, by law, they are not allowed to have multiple
physical premises; Panel A of Appendix A.12 shows that many agencies are located in either
Colombo or Kurenegala, while Panel B shows clusters of agencies in Colombo District.54

As such, we use precise GPS coordinates to identify clusters of agencies—typically lo-
cated in a shopping arcade—by computing the number of agencies in a 100 foot radius. In
addition, the specification includes a fixed effect for the local market in which the agency op-
erates and it’s interaction with year fixed effects so as to parse out differential trends affecting
these markets unrelated to the agency rating program. We find that where eligible agencies
are surrounded by a larger number of agencies they receive more job orders. In addition, we
find that these agencies also differentially increase the number of migrants they recruit. These
effects suggest that the program may induce complementarities between agencies when they
are clustered together and/or they may indicate the presence of large fixed costs in securing
job orders. We explore this possibility in more detail in the next subsection.55

6.4.2 Spillover Effects

An agency responding to reputational incentives may look to change the volume and quality
of the migrants they recruit. If the supply of migrants is relatively scarce an increase in recruit-
ment may reduce the pool of potential recruits to other agencies. Alternatively, if agencies
lack the resources to adequately fulfill new job orders they have secured, or if securing such
job orders involve fixed costs that multiple agencies may need to contribute to, the program
may also result in complementarities between agencies and increase migrant recruitment.

54In the sample under consideration, 35% of agencies are located in Colombo.
55We find similar results when using a more standard measure of competition—the Herfindahl-Hirschman

index—see Appendix B.10.
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In Panel B of Table 4, we explore whether the presence of an eligible agency in a 100 foot
radius of a comparison agency—agency locations are fixed over time—influences outcomes.
As in Panel A, the specification includes a fixed effect of the local market interacted with
month-year fixed effects and, in addition, we cluster standard errors at the local market level.
As the map in Panel A of Appendix A.12 suggests, many local markets do not have an eligible
agencies: roughly 40% of the 78 local markets or Divisional Secretariats do not have any
eligible agencies. As such, the effects are likely being estimated off the set of local markets
with variation in eligibility status where agencies are clustered as in Panel B of Appendix
A.12. We find that presence of an eligible agency results in a 84% increase in job orders
(column 2) and an 48% increase in migrant recruitment (column 3) for comparison agencies
relative to comparison agencies that are not within a 100 ft radius of an eligible agency.

These results suggest that the positive ‘market outcomes’ that eligible agencies expe-
rienced from the program are unlikely to come at the expense of comparison agencies. If
anything, the positive spillovers suggest that our program effects underestimate the effects of
the program.

7 Discussion of Mechanisms

In theory, the program may have influenced outcomes—and, in particular, placement qual-
ity—through three main channels: (1) actions taken by agencies either prior to or after the
revelation of quality, (2) actions taken by foreign employers in response to the public revela-
tion of ratings, (3) actions taken by migrants in response to the public revelation of ratings.

7.1 Agency Response

The estimates in Table 2 & Table 3 suggest that agencies responded to reputational incentives
and took steps to improve the quality of their placements prior to the revelation of the star
ratings in 2012. Taken at face value, they suggest that agencies can (and do) screen job
orders and improve outcomes for prospective migrants. Consistent with this being a plausible
mechanism, in the agency survey we find that approximately half (55) of the 109 agencies
surveyed report rejecting a job order in the last year; of those agencies who report rejecting,
52% cite the reason for rejection as being related to safety concerns related to the reputation
of the employer (see Panel B of Appendix B.1).

In support of our interpretation that agencies screened the demand-side (i.e. employers
or job orders) rather than the supply-side (i.e. migrants), we first note that Appendix B.8
and Appendix B.6 find scant evidence to suggest that the composition of migrants recruited
changed either prior to or following quality revelation. The destination country and skill-
level of placements in addition to the gender composition and complaint history of migrants
does not differ systematically between eligible and comparison agencies in either phase of the
program, nor by the pre-program quality of eligible agencies. This finding is also supported
by the event study graphs for the share of migrants placed who are domestic workers in Panel
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C & F in figure 3.

Turning to employers, Appendix B.3 suggests that eligible agencies are no more likely to
work with new employers—i.e. employers with whom they had not done business with prior
to the introduction of the program. As such, the observed changes likely stem from changes
in interactions with the set of pre-program employers with whom agencies had previous deal-
ings. Figure 4 provides a simple way to visualize agency-employer matches among this set
of employers. We plot a density function that shows us the amount of good employers—those
who have a below median pre-program complaint intensity—who match with agencies, ac-
cording to their combined score/2012 agency rating (x-axis). Importantly, prior to quality
revelation, neither employers, agencies, nor migrants are aware of the ratings as they do not
yet exist. As such, the red line in Panel A of Figure 4 shows us that employers may have
limited information on the quality of agencies. The blue line in Panel A displays matches
occurring in 2010, the first year of the program: visually, we see little movement between the
pre-program matches and those that occur in the first year of reputational incentives.

Panel B provides us with evidence of screening: the (darker) blue line corresponding to
matches in 2011 shifts its mass towards agencies with a higher SLBFE rating. Two points are
of note here: first, the only actors in the market that can influence this shift are agencies as the
star ratings are currently unknown. Second, this shift in the mass is driven by agencies who
eventually ended up with > 50 points on their combined score, corresponding to agencies
that received 3 stars or better. This finding is consistent with an average increase in ‘Good
Orders’ in column 3 in the period prior to quality revelation; moreover it is consistent with
our finding that both high and low quality agencies are induced to screen employers: while
the effect is more precisely estimated for pre-program underperforming agencies, we cannot
reject equality of coefficients in column 3 of Table 3.

7.2 Foreign Employer Response

Among the actors we consider, foreign employers are the most likely to have access to and
pay attention to the star ratings. The manner in which ratings were made available—through
a searchable database on the SLBFE website, see Appendix A.8—makes them far more ac-
cessible to foreign employers relative to Sri Lankan migrants who largely lack access to the
internet. As we discuss in Section 2.3, employers are required to fill out several forms and
enter details on the SLBFE’s online information management system, so they have good rea-
son to access this website. In addition, interviews with consular officials suggest that foreign
missions sometimes provided prospective employers with lists of recruitment agencies, which
were simply print outs of the star ratings but this was not a uniform practice.

However, to empirically test if employers responded to the star ratings, we use a regres-
sion discontinuity design that estimates the effect of an agency receiving a marginal star. In
particular, we use the star-specific cut-offs that maps the combined score—the continuous
value that combines the quantitative score and the qualitative score—to a star rating (see Ap-
pendix A.6 for the cutoffs and distribution of ratings). We compare agencies just above and
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below the cut-offs and, owing to a lack of density at the thresholds, we pool the thresholds
to arrive at an estimate of receiving a higher star.56. We report the results in Table 5 and find
that a higher rating—i.e. a marginal star—more than doubles the monthly number of job
orders (significant at the 5% level); a measure of foreign demand. While somewhat impre-
cisely estimated, we interpret this result as providing evidence of employer response to the
star ratings.

Finally, turning to Figure 4, we see that in the first two years after the ratings are revealed
in 2012 (green lines in Panel C) the mass of the good employers distribution has shifted sub-
stantially to the right. This effect grows even larger in Panel D suggesting that Good Employers
are now even more likely to contract with higher rated agencies. While this effect may also
be driven by screening by agencies, we view the dramatic increase in mass as evidence of
employers responding to the ratings.

7.3 Migrant Response

In theory, migrants may have observed the ratings and responded to them, thereby influenc-
ing placement outcomes. However, as we discuss in the conceptual framework, we believe
this is unlikely for a number of reasons. Perhaps most importantly, the primary manner in
which the SLBFE chose to disseminate the ratings was through a website. As we note in the
conceptual framework, just 12.1% of the Sri Lankan population had access to the internet in
2015, making it very unlikely that migrants—who are likely to reside in rural areas where
internet is even less available—had the means to access the ratings (Bank, 2021).

Nevertheless, using the same regression discontinuity design discussed in the previous
section, we test whether there is evidence to suggest that migrants response to a higher rating.
In Table 5, we find little evidence indicative of migrant response. Specifically, the volume of
migrants (col. 2) and the share of domestic workers (col. 3) do not respond to an increase in
the star rating of an agency. We might imagine that migrants who made complaints prior to
the introduction of the program may be the most sensitive to ratings—assuming they are not
entirely dissuaded from migrating again. In column 4 of Table 5, we find that agencies with
higher ratings are no more likely to recruit migrants who had made a complaint prior to the
program being introduced.

Finally, when shown pictures of the awards and an advertisement that included a rating,
just 14% of migrants in the migrant survey (n=240) stated they recognize the awards handed
out to agencies and knew about the program, while just 11% had ever seen information on
the ratings included in advertisements for vacancies.

56We detail this specification in Appendix B.9. In short, where Treati is an indicator variable that switches on
for the right-hand side of the window, using a uniform kernel with the MSE optimizing bandwidth we report β2
for agency i in month m and year t:

Yimt = δt + β1Combined Scorei + β2Treati + β3Treat ∗ Combined Scorei + ϵimt
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8 Robustness

8.1 Agency Quality & Mean Reversion

One concern with our measure of pre-program agency quality might be that it captures some-
thing transient as a result of measurement error and that agency quality may exhibit mean
reversion thereafter. To wit, it is not that the program improves outcomes for low quality
agencies, for example, but that these were simply high quality agencies that were improperly
classified and who then trended back to their mean. We believe this concern is unlikely to
explain our estimates for a number of reasons.

First, it is important to note that high and low quality eligible agencies are always being
compared to high and low quality comparison agencies (see Appendix A.7).57 As such, if
there is measurement error in how we specify quality, and for example, a subset of low quality
eligible agencies are trending upward because of measurement error, this should also be the
case for low quality comparison agencies. The estimated heterogeneous treatment effects are
the differential effect for high/low eligible agencies relative to high/low comparison agencies,
whose trend is computed by the High*Post term in equation (7).58 As such, our estimates ‘net
out’ any potential measurement error. If the measurement error were itself classified with
treatment assignment then it would bias our estimates; however this amounts to a test of
pre-trends for pre-program agency quality. Using five years worth of (monthly) pre-program
data, we find that we cannot reject the null for the joint F-test of the lags for the quantitative
score variable (p-value = 0.4807).59

Nevertheless, we take concerns about measurement error in pre-program agency quality
seriously and in Appendix C.7 we assess the robustness of our main results to alternative
measures of pre-program agency quality. In Panel A, we report our preferred measure, the
predicted rating, while in Panel B we report heterogeneous treatment effect estimates by pre-
program agency quality defined using the quantitative score from 2009. In Panel C we do
likewise with the average yearly quantitative score between 2007 and 2009. The point esti-
mates are similar in both magnitude and direction across the three measures of pre-program
agency quality. We do, however, note that the precision of the estimates is somewhat lower
when pre-program agency quality is measured using the average quantitative score between
2007-2009 (Panel C).

Our view here is that the predicted rating and the 2009 quantitative score yield agency
quality measures that are more salient from the perspective of an eligible agency as they
capture quality just as the program is announced by the government. As the program is

57There are 208 agencies in the sample, 78 eligible agencies (30 high quality, 48 low quality) and 130 comparison
agencies (30 high quality, 100 low quality).

58Note, both High*Post and Low*Post cannot be included because of the inclusion of month-year fixed effects.
59Though not a formal test, it is also useful to note that the point estimates in Table 2 & 3 do not suggest a

systematic trend in the estimates for high and low agencies; in some cases the estimated effect is positive for low
quality agencies and negative for high quality agencies, in others it is the opposite and in still others the effects
are in the same direction. It is, therefore, surprising why some outcomes would revert to the mean but not others
unless the measurement error were, for some reason, weighted towards specific outcomes. We have no reason to
believe that this is the case.
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announced in early 2010 and lays out the criteria for a rating that is forward looking, an
agency that was high quality three years ago but is low quality in 2009 can’t expect to receive
a good rating in the future; the incentives are most binding on eligible agencies who do poorly
with respect to the government’s criteria when the program is announced. In addition, we
believe the quantitative score only captures a part of the government’s ultimate rating which
also depends on the ‘qualitative score’ which is a function of third party inspections. By using
the predicted rating, we believe this, in effect, weights the quantitative score by how important
it is for the actual rating which gives a better measure of actual quality (as measured by the
government).

8.2 Sample Restrictions

For our main difference-in-difference specification, the algorithm we used led us to restrict
our sample to agencies that recruited between 45-155 migrants in 2009. We chose this method
of selecting the agencies in our sample both so as to pick comparable agencies who were
and were not eligible for the program and so as to ‘tie our hands’ as to the specific interval
about 100 chosen to restrict the sample. In Appendix C.8, we explore how our estimates vary
when comparing the sample suggested by the algorithm (Panel A), to a sample of agencies
that recruited between 25 and 175 migrants in 2009 (Panel B), and then consider all agencies
(Panel C).

In general, the estimated effects are qualitatively similar across all three samples but,
unsurprisingly, the less restrictive samples yield more precise estimates. For example, we see
that the effect on job orders in Panel B (25-175 migrants) and C (all agencies) is statistically
significant prior to quality revelation, whereas this is not so in our main specification in
Panel A; though it has a t-stat of 1.47. An exception to the (qualitative) similarity of point
estimates are the results on migrant recruitment for all agencies in Panel C. In this case, the
point estimate after quality revelation (i.e. Elig*2012-15) is negative and significant. This is
likely due to two reasons: a precipitous fall in migrant recruitment beginning in late 2013

as the result of migration restrictions placed on female domestic workers and the inclusion
of extremely large recruitment agencies among eligible agencies (i.e. the top 1% of agencies
recruited 2,342 migrants or more in 2009).

9 Discussion and Conclusion

9.1 Information Frictions and the Volume of Trade

In the classic Akerlof (1970) framework, information asymmetries may reduce both the quan-
tity and quality of trade resulting in markets unraveling. If quality is unobservable, adversely
selected labor market intermediaries may exploit their informational advantage to the detri-
ment of both workers and employers (Autor, 2008). A policy that relaxes these frictions may
both provide intermediaries with incentives to improve their match quality and result in the
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exit of low quality intermediaries from the market as in Lee (2007).

We note that the overall trend in the market—see Panel A of Appendix B.7—particularly
after 2013 is one of steady decline owing to the partial ban on migration discussed in Section
2.2. As such, as a matter of interpretation, the policy might at best slow this decline for eligible
agencies. However, we find little evidence to suggest that the policy did so. If anything,
eligible agencies—and, especially, pre-program underperforming agencies—appear to reduce
the amount of migrants they recruit in response to the program.

9.2 Agency Outcomes and Market Efficiency

While the program may have induced eligible agencies to place fewer migrants it has also
improved the efficiency of the market both by providing incentives to eligible agencies to
improve placement quality and by making these agencies more likely to survive.

Noting here that less abusive employers tend to offer higher salaries and more amenities
both across (Panel A of A.15) and within industries (Panel B of A.15), one proxy for overall
match quality is the sum of all salaries placed by agencies. In Appendix C.3, we find that
the sum of all salaries placed by eligible agencies increases substantially even prior to quality
revelation (column 1) and that this finding is unchanged by accounting for agency exit (col-
umn 2); this finding is even stronger for pre-program underperforming agencies (columns 3

& 4).

Do these improvements in migrant placements come at the cost of comparison agencies?
The agency survey reveals that the supply of migrants is the key constraint to agencies ex-
panding their business: while nearly half of all agencies have rejected a job order in the past
year, less than one in five agencies say they are able to fulfill the vacancies in a job order and
two-thirds of these agencies suggest the reason they were not able to do so was because they
could not find workers. However, we find little evidence in Table 4 to suggest that eligible
agencies had negative spillovers on comparison agencies. Rather, the evidence suggests that
the presence of an eligible agency increased the amount of migrant recruitment of compar-
ison agencies. Moreover, we also do not find that the program influenced the observable
characteristics of migrants recruited by eligible agencies in Appendix B.8 and Appendix B.6.

Finally, we note as discussed in section 3.6 that if the program increases increased de-
mand for good employers, they would respond by lowering commissions in equilibrium, dis-
advantaging eligible agencies relative to comparison agencies who do not face an increased
reputational cost. While this may have a short-term revenue benefit, we also see that improved
placement quality reduces migrant turnover which might eventually reduce costs as agencies
much typically find a replacement migrant at their own cost if a contract is terminated within
three months.

In sum, we find that the policy improved the allocation of migrants employers abroad
by inducing eligible agencies to improve placement quality and improve migrant welfare
without adversely affecting the supply of migrants to comparison agencies.
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9.3 Conclusion

Labor abuse experienced by international migrants is a phenomenon of great human concern,
yet it is understudied in the economics literature. This, in part, owes to the politically sensitive
nature of the topic and the difficulty of collecting reliable data on migrant outcomes. We
leverage a rich dataset that allows us to link individual migrants to their contracts, local
recruiters, foreign employers and, ultimately, whether or not they sought assistance from a
Sri Lankan consulate for an employment-related dispute.

We estimate the effects of a regulatory policy that rated local recruitment agencies. We
find that the program induced eligible agencies, and especially pre-program underperforming
agencies, to screen foreign employers, but we also find that quality revelation alone leads to
more job orders for agencies.

The results suggest that the program acts similarly to a certification program; we believe
this is, in part, due to the nature of the rating. If the ratings reported a precise (cardinal)
score—say, out of 100—it might be clearer how to distinguish between an agency that receives
15/100 versus 80/100. In our context, agencies are simply given a number of stars —at best,
a noisy measure of quality—and they sometimes advertised these stars in their marketing.
To an external observer or a prospective employer, agencies that do carry a star rating—in
contrast to a mass of agencies who do not—may, therefore, appear more reputable. While
we find evidence of screening for both foreign employers and local agencies, we find little
evidence of direct migrant responses to the program.

Our results speak to the importance of labor market intermediaries in determining out-
comes for workers in the context of international labor migration. We show that a program
that formalizes reputation building can improve outcomes for market actors. Source coun-
tries typically have limited power to influence labor laws in destination countries and usually
adopt methods such as providing pre-departure training or curtailing migration altogether in
an effort to curb malpractices abroad. We show that a ratings system for local intermediaries
can prove to be an important addition to the policy toolkit for source countries seeking to
improve migrant welfare.

The results leave open a number of directions for further inquiry. Are migrant inter-
mediaries able to extract surplus from migrants, limiting the large wage differentials they
experience across borders? As labor intermediaries ’match’ rather than engaging in arbitrage,
the lack of prices through a supply chain—in contrast to product intermediaries—limits the
use of ‘pass-through’ as a way to deduce market structure and estimate surplus extraction
as in (Atkin and Donaldson, 2021). Future work may benefit from imposing structure on the
process of matching so to estimate how local intermediary market power relates to (match)
surplus extraction.
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Figure 1: Program Timeline

Panel A: Key Events Timeline

• January 2010: Program announced to agencies and booklet with grading criteria is sent
through SLBFE management system

• July 2010- May 2011: Third-party inspections

• February, 2012: Ratings announced at public ceremony

• June, 2012: Ratings made available on online database

Panel B: Timeline with Potential Effects

After 2010 02-2012

REPUTATIONAL INCENTIVES (RI) QUALITY REVELATION (QR) 

COMPARISON COMPARISON COMPARISON

ELIGIBLE ELIGIBLE ELIGIBLE

INSPECTIONS BY 3RD PARTY 

ANNOUNCEMENT RATINGS RELEASED<----------- 2005-2009 -----------> <----------- 2010-2011 -----------> <----------- 2012-2015 ----------->

Note: Panel A of Figure 1 shows a simple timeline (time on vertical axis) for the agency
ratings program and lists the potential effects below it (time on horizontal axis). In Panel B,
the timeline with potential effects illustrates the difference-in-difference design. We compare
a set of eligible agencies to comparison agencies below the 100 migrant recruitment
threshold in 2009. After the announcement, the rating criteria (signified by the notebook
icon) are announced to all agencies, and third-party inspections take place shortly thereafter.
The ratings are released to the public in February, 2012. We refer to the period between the
program announcement and the public release of ratings as the ’Reputational Incentives’
phase of the program (signified by the notebook icon); in theory all agencies can respond to
these criteria but we expect they are especially binding on eligible agencies. We refer to the
period after the public release of the ratings as the ’Quality Revelation’ period. This period,
of course, also includes the effects of RI. The blue and red shading denotes agencies of
varying pre-program quality.
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Figure 2: Quarterly Variation in Recruitment
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Note: This figure shows quarterly recruitment at the agency level for the period determining
eligibility (four quarters in 2009) and two quarters prior to 2009. Attention is restricted here
to agencies who recruited between 45 and 155 migrants in 2009, where eligible agencies
recruited at least 100 migrants.
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Figure 3: Event Study Graphs
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Note: These figures show event study graphs for three outcomes, i.e. they plot the interaction coefficients (a dummy for eligible firm interacted
with month-year) for the period 2008-2014. Panels A-C consider all agencies, while Panels D-F restrict attention to pre-program low quality
agencies. The grey lines are the 95% confidence intervals. In each case the reference is December 2009. The blue vertical line is the point at
which the program is announced, the green vertical shows the point where the ratings are announced to the public.

3
7



Figure 4: Employer to Agency Matches
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Note: This figure plots a series of probability density functions that describe which
recruitment agencies are matched to ‘Good Employers’: defined as employers who have a
below median pre-program (< 2010) complaint rate. A match here is defined as whether an
agency sends a migrant to a ‘Good Employer’ in a specific year. The domain is the
continuous combined score/2012 agency rating which is only known to the public after
2012. Panel A plots the density function for matches occurring prior to the program (red
line) and during the first year of the program (2010). Panel B adds 2011, the second year of
the program and the second year of reputational incentives (RI). Panel C plots adds the first
two years (green lines) of matches after the rating are revealed, i.e. quality revelation (QR).
Panel D plots the data for the remaining years (2014 & 2015) of the quality revelation period.
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Table 1: Agency-Month Level Summary Statistics, 2005-2015

Mean SD Median 75th pctl 95th pctl N

# Migrants 8.27 13.1 5.00 10.0 28.0 25956

# Female Migrants 5.30 9.2 2.00 7.0 19.0 25956

# Domestic Worker Migrants 5.44 10.5 2.00 7.0 20.0 25956

# Migrants to Saudi Arabia 1.93 8.3 0.00 0.0 12.0 25956

Salary (USD), 2015 dollars 164.50 123.5 170.53 232.7 379.8 25956

# Job Orders 0.51 0.9 0.00 1.0 2.0 21684

Order Size 72.01 185.5 0.00 49.0 420.0 21684

# Complaints 0.73 1.8 0.00 1.0 3.0 25956

Complaint rate 0.08 0.1 0.00 0.1 0.3 19736

Complaint solved rate 0.87 0.3 1.00 1.0 1.0 6832

Complaint solved time 4.61 5.1 3.00 6.0 14.0 6832

Notes:
This table reports summary statistics at the agency-month level. Salaries are converted to 2015 US dollars.

Job Orders are the number of orders that an agency received in a specific month from employers abroad (i.e.
demand), while Order Size reports the average number of vacancies contained in a job order. Note, data
for 2005 and 2014 is missing for the job order data. Complaints reports the number of complaints made to
Sri Lankan consulates by migrants who were placed by agencies in the relevant month. The complaint rate
measures the average number of complaints by migrants placed by an agency in a given month conditional
on the agency placing non-zero migrants. The complaint solved rate and time further condition on the set
of agencies who had non-zero complaints in a given month.
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Table 2: Investment in Rating Criteria and Market Outcomes

(1) (2) (3) (4)
Quant Score Migrants Job Orders Agency Exit

Panel A: Eligible Agencies vs. Comparison

Elig*2010-12 0.1072 -0.2623 0.0888 -0.0542**
(0.144) (1.155) (0.060) (0.026)

Elig*2012-15 0.0163 0.0853 0.1262* -0.0666

(0.146) (1.532) (0.076) (0.045)

Panel B: Effects by Pre-Program Agency Quality

Elig*High*Post-2010 -0.2686 -0.0886 -0.0007 0.0080

(0.219) (2.167) (0.116) (0.074)

Elig*Low*Post-2010 0.2588** -0.0099 0.1924** -0.1076***
(0.126) (1.722) (0.078) (0.039)

N 25956 25956 21684 25956

High = Low 0.02 0.98 0.17 0.17

Comparison Mean 6.56 8.05 0.37 0.16

Notes:
This table reports difference-in-difference estimates on the overall effects of the program.

‘Comparison Mean’ reports the pre-program (2005-2009) mean of the dependent variable for
the comparison group. Panel A compares eligible agencies to comparison agencies during
the period where agencies were solely exposed to Reputational Incentives (2010-2012) and the
period after Quality Revelation (2012-2015). Panel B computes heterogeneous effects by pre-
program agency quality; ‘High’ denotes above median pre-program quality, while ‘Low’ is
below median pre-program quality, where quality is based on the ‘Predicted Rating’ variable
(See Appendix A.11 for details). In column 1, ’Quant Score’ summarizes an agency’s invest-
ment in the rating criteria introduced by the government (See Appendix A.11). In column 2,
‘Migrants’ reports the total number of migrants recruited by an agency in a given month. ‘Job
Orders’ are the number of orders that an agency received in a specific month from employers
abroad (i.e. demand). Note, data for 2005 and 2014 is missing for the job order data. ‘Agency
Exit’ is a proxy for an agency closing down. It is coded as an indicator variable that switches
on at the beginning of a 12 month sequence of zero recruitment after the program was in-
troduced. ‘High = Low’ tests equality of coefficients in Panel B. All specifications cluster at
the agency level and include agency fixed effects. Panel B contains month-year fixed effects
interacted with average migrant recruitment (2005-08). Panel A contains the same controls
as Panel B and month-year fixed effects interacted with the average yearly quantitative score
(2005-08).
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Table 3: Placement Quality

(1) (2) (3) (4)
Avg. Salary (USD) Contract Renewal Good Orders Quality Index

Panel A: Eligible Agencies vs. Comparison

Elig*2010-12 18.1610* 0.0107 0.0470** 0.1027

(9.592) (0.011) (0.021) (0.070)

Elig*2012-15 23.0339 0.0070 0.0307 0.1379

(14.079) (0.008) (0.020) (0.096)

Panel B: Effects by Pre-Program Agency Quality

Elig*High*Post-2010 3.8279 -0.0056 0.0544 -0.0451

(23.766) (0.012) (0.036) (0.157)

Elig*Low*Post-2010 38.6137*** 0.0217** 0.0522** 0.2598***
(11.881) (0.009) (0.021) (0.086)

N 25956 25956 21684 21684

High = Low 0.19 0.04 0.96 0.09

Comparison Mean 164.48 0.12 0.13 0.07

Notes:
This table reports difference-in-difference estimates on placement quality. ‘Comparison Mean’ reports the pre-

program (2005-2009) mean of the dependent variable for the comparison group. Panel A compares eligible agencies
to comparison agencies during the (post-treatment) period preceding Quality Revelation during which agencies were
exposed to Reputational Incentives (2010-2012) and the period after Quality Revelation (2012-2015). Panel B computes
heterogeneous effects by pre-program agency quality; ‘High’ denotes above median pre-program quality, while ‘Low’
is below median pre-program quality, where quality is based on the ‘Predicted Rating’ variable (See Appendix A.11

for details). ‘Average salary’ is the average salary of migrants placed by an agency in a given month in 2015 USD.
‘Contract Renewal’ is a count variable of the number of migrants placed by an agency who returned to the same
employer on a subsequent contract. ‘Good Orders’ are job orders corresponding to employers with a below median
pre-program complaint rate. ‘Quality Index’ is an index is a normalized index incorporating whether or not a job
order specifies that health insurance, accommodation, and return airfare are provided as well as the salary range
paid to workers. Index components are weighted by the inverse of the covariance matrix as in Anderson (2008).
‘High = Low’ tests equality of coefficients in Panel B. All specifications cluster at the agency level and include agency
fixed effects. Panel B contains month-year fixed effects interacted with average migrant recruitment (2005-08). Panel
A contains the same controls as Panel B and month-year fixed effects interacted with the average yearly quantitative
score (2005-08).
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Table 4: Market Structure and Spillover Effects

(1) (2) (3)
Agency Exit Job orders Migrants

Panel A: Heterogeneity by Agency Density

Not Competitive*Elig*Post-2010 -0.0548 -0.1696 -0.6528

(0.070) (0.111) (2.399)

Competitive*Elig*Post-2010 -0.0732* 0.2226* 4.3093**
(0.043) (0.131) (1.785)

N 24732 20628 24732

Comparison Mean 0.16 0.37 8.05

Panel B: Spillover Effects on Comparison Agencies

Any Elig*Post-2010 -0.0305 0.3113* 3.9119**
(0.049) (0.170) (1.688)

N 15384 12816 15384

Comparison Mean 0.16 0.37 8.05

Notes:
This table reports effect heterogeneity by local market competition (Panel A) and com-

putes spillover effects of the program (Panel B). ‘Comparison Mean’ reports the pre-
program (2005-2009) mean of the dependent variable for the comparison group. ‘Agency
Exit’ is a proxy for an agency closing down. It is coded as an indicator variable that
switches on at the beginning of a 12 month sequence of zero recruitment after the pro-
gram was introduced. ‘Job Orders’ are the number of orders that an agency received in
a specific month from employers abroad (i.e. demand). Note, data for 2005 and 2014 is
missing for the job order data. Panel A computes heterogeneous effects by agency den-
sity by counting the number of active agencies in 2009 in a 100 foot radius. ‘Competitive’
refers to binary variable coded as 1 for an above median score of the measure of competi-
tion, while ‘Not Competitive’ is the opposite. This specification is clustered at the agency
level and includes agency fixed effects, month-year fixed effects interacted with average
2005-2008 migrant recruitment, month-year FE interacted with average quantitative score
2005-2008, and local market (i.e. Divisional Secretariat) x month-year fixed effects. Panel
B restricts attention to the sample of comparison agencies. ‘Any Elig’ is a dummy variable
coded as 1 if there is an eligible agency within 100 ft of a comparison agency. These es-
timates are clustered at the local market level and the specification includes agency fixed
effects, month-year fixed effects interacted with average 2005-2008 migrant recruitment,
month-year fixed effects interacted with average quantitative score 2005-2008 fixed effects,
and local market x month-year fixed effects.
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Table 5: The Effect of Receiving a Higher Rating

(1) (2) (3) (4)
Job Orders Migrants Domestic Share Pre-Complaints

Treatment 0.860* 5.065 -0.018 0.113

(0.464) (5.144) (0.108) (0.228)

N 20714 28060 28058 28060

Depvar. Mean 1.50 25.43 0.25 0.56

Notes:
This table estimates the effect of receiving an additional star on the government’s star rating

program using a regression discontinuity design. The sample consists of all agencies eligible for
the rating program. Reported estimates pool across the star specific thresholds (see Appendix
B.9 for details), use a uniform kernel, and use the MSE-optimal bandwidth using the rdrobust
package. All specifications include year fixed effects and standard errors are clustered at the
agency-level. Job Orders are the number of orders that an agency received in a specific month
from employers abroad (i.e. demand). Migrants are the number of migrants placed by an
agency in a given month. Domestic Share is the share migrants who are domestic workers
placed by the agency in a given month. Pre-Complaints is a count variable for the number of
migrants who made a complaint prior to the program and subsequently migrated again after
the program.
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Appendix A Program Information and Context

Appendix A.1 Criteria used for Agency Rating Program

A1.1: Quantitative Criteria Used in Rating from SLBFE Data

• Total Numbers of Persons Recruited

• Skill Level of Jobs

– Professional jobs

– Middle-level Employment

– Skilled workers

– Semi-skilled workers

– Unskilled workers

– Domestic Workers

• Recruitment to New Destinations

• Dispute Settlement Rate

• Diversification of Job Market

• Cess payment

A1.2: Qualitative Criteria Used during Audits

• Timely submission of license renewal application

• Timely submission of bank guarantee for license application

• Book A: Register containing details of migrants

• Book B: Register of job offers

• Book C: Register on remittance reimbursed from the Bureau

• Book D: Register containing details of Foreign Employers or Commissions

• Maintaining Receipts

• Register containing details of passports

• Proper Maintenance of Office

– Location of agency

– Display of name boards

– Attractive appearance

• Interior Layout

– Division of office area
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– Process Management

– Good equipment

• Sustainability of business (continuity of operation)

• Outlook of Office Staff

– Uniform

– ID Card

• Implementing Awareness Programs

– Registry of bio-data of employers

– Registry of bio-data of recruits and details of their family background

– Maintenance of a notice board

• Implementing pre-migration awareness programmes which educate them on:

– Destination country

– Company or employer

– Nature of employment

– Material data on country

– Common customs to be followed

– Do away with social stigmas

– Actions to be taken if problems crop up

• Assessment of Human Resources

– Graduate and diploma holders

– A-Level holders

– O-Level holders

• Bonus Points

– Recruiting persons without charging fees

– Sending the employee direct to employer

– License not temporarily discontinued during license year

– Not receiving any letters of warnings over non-addressing of complaints

– Not receiving any other letters of warning issued by the Bureau
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Appendix A.2 Complaint Types

Table 35: Top Complaints 2005-2015

Complaints Percentage of Total Complaints
Non Receipt of Wages 19741 16.62
Breach of Employment Contract 15201 12.80
Harassment 13407 11.29
Sickness 12522 10.54
Others 11775 9.92
Lack of Communication 11322 9.53
Not Sent Back After Completion of Contract Period 9509 8.01
Problem at Employees Home (Sri Lanka) 6207 5.23
No Correspondence to Complaints 3866 3.26
Being Stranded Without Employment 2849 2.40

35

Note:The table above shows the decomposition of complaints over the span of the dataset
2005-2015.
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Appendix A.3 Example of Complaint Mechanism

Licensee,(((((((((((((((
Shirome(Travels(Pvt(Ltd( 2018.10.30(
(
(
Complaint(no:(CD/058/1806(
Migrant(worker:(W.G.T.(N(Nelum((
Passport(no:N6220824((((((((((((DEPARTURE(DATE:(2016.07.29(
(
The(conciliation(division(received(a(complaint(on(the(2018.06.08(regarding(the(migrant(worker(
mentioned(above.(This(is(regarding(the(complaint(and(the(investigation(on(the(2018.06.20.((
(
It(was(mentioned(in(her(contract(that(her(salary(would(be(1125(SR(but(she(was(actually(paid(
900(SR.(Every(month(she(was(not(paid(225(SR.(Thus(the(total(outstanding(salary(for(24(months(
is((9225x(24)((for(24(months(is(5400(SR.(The(letter(dated(2018.06.20(states(that(the(balance(
salary(should(be(paid(and(make(arrangements(get(her(back(to(Sri(Lanka.(However,(She(came(
back(on(the(2018.(10.(15(but(the(balance(salary(was(not(paid.(((
(
Therefore,(make(sure(that(that(the(balance(salary(of(5400SR(is(paid(before(the(2018.(11.30(and(
handover(the(documents(related(to(that(to(our(office.((We(kindly(inform(you(that(If(you(fail(to(
do(pay(the(balance,(we(will(take(legal(action.((
(
Manager((Conciliation)(
SLBFE(
(
Licensee,(((((((((((((((
Shirome(Travels(Pvt(Ltd( 2018.12.24(
(
(
(
Complaint(no:(CD/058/1806(
Migrant(worker:(W.G.T.(N(Nelum((
Passport(no:N6220824((((((((((((DEPARTURE(DATE:(2016.07.29(
(
The(conciliation(division(received(a(complaint(on(the(2018.06.08(regarding(the(migrant(worker(
mentioned(above.(This(is(regarding(the(complaint(and(the(investigation(on(the(2018.06.20.((
(
An(order(was(given(to(you(to(settle(the(balance(payment(of(the(salary((225x24)(5400(SR.(This(
was(informed(to(you(on2018.06.20(and(2018.10.30.(However,(you(have(failed(to(settle(this(
matter.((
(
Therefore,(we(have(forwarded(your(case(to(the(legal(division(for(legal(action.((
(
Manager((Conciliation)(
SLBFE(
(
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Appendix A.4 Booklet Provided to Agencies

A4.1: Importance of the grading methodology

• To bring all the agencies into a well-recognized standard.

• The objectives are to recognize, encourage and appreciate the agencies maintaining high
standards.

• Establishing an impartial, justifiable and scientific methodology to grade agencies.

• The Act requires SLBFE to guide agencies towards their growth, development and stan-
dardizing their levels.

A4.2: Policies, qualifying/disqualifying and prospects

• Agencies will be qualified for this grading system only if the agency holds a valid
license for at least a year and have sent more than 100 people for employment during
the assessment year.

• There are 11 indicators selected for this grading methodology which are listed out be-
low:

1. (i) The total number of recruitment (ii) Recruitment according to manpower groups
(Professional, middle level, clerks and classical related jobs, skilled labour, semi-
skilled labour, unskilled labour and house maids).

2. Settlement of complaints is assessed in two ways: (i) Settlement rate of the concili-
ation division looks at the annual rate of the resolved complaints by an agency in
that division
(ii) Investigation and complaints settlement rate looks at the annual rate of resolved
complaints in the special investigation division The final rate is calculated by taking
the average of the two divisions.

3. Recruitment to new destination has two categories, (i) Entering into agreements
with new countries (countries that have not received a SL employees through
SLBFE) and should have at least sent one person for employment (ii) Entering
into agreements with new agencies and companies in the countries where SL has
already started business.

4. Ratio difference between the number of vacancies approved and the number of
vacancies fulfilled (the number of people recruited).

5. The payment of cess out the commission they receive from foreign countries for
providing employees

6. Evaluating human recourses- points if employees are granted with employee’s
provident fund (EPF) and points according to the educational qualifications such
as graduate or a diploma holder, A/L and O/L qualified.

7. Prosecution- If complaints are forwarded to legal division as it has not been solved,
law will be enforced. If 10 prosecutions are against an agency, then they will be
disqualified from the grading system.

8. Agencies will receive minus points if there are complaints against agencies lodged
by the migrant worker, relatives, family members, foreign agencies and foreign
employers.
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9. Minus points are given to agencies for receiving the approval of a job order but fail
to provide employment within the valid period of approval.

A4.3: Disqualification: Any agency will not be considered if the following conditions can be
applied:

• If the average complaint ratio is 100%

• Have sent less than 100 people

• If they are punished or warned by a court of law for producing forged documents, re-
cruiting underage people, recruited disabled people and has been prosecuted by SLBFE
for more than 10 court cases.

A4.4: Proposals and Suggestions

1. Updating the records and documents that are maintained at present such as data sheets
of Sri Lankan employees and approved job orders.

2. Records of statutory refunds made by SLBFE, passport details, employers and commis-
sions received.

3. Maintain a log book for government authorized officers to lodge their recommendations.

4. Classifying the letters received from SLBFE according to licensing division, conciliation
division and general letters

5. Provide a valid letter of appointment for everyone serving in the agency, listing out the
duties and mark attendance.

6. Maintain records of migrant workers who have returned before the contract period
expired and sent back to Sri Lanka before the contract period and provide it to SLBFE
which has to be authorised by bureau officers.

7. Make the agency staff thorough with laws, regulations, functions of the agency, the
agency grading methodology and pay them well and on time.

8. Get the staff to be members of EPF, provide them with uniforms, ID cards and train and
educate them on modern technology, the importance of public relations.

9. Submit the application for extending the license and bank guarantee on time.

10. Be vigilant of the authenticity of certificates forwarded by applicants.

11. Maintain a record of the family members of the migrant workers and take maximum
action for the welfare of their family members.

12. Be vigilant of the workers being paid regularly and extend insurance if necessary.

13. Pay attention towards the benefits and salary of the migrant worker as mentioned in
the agreement throughout the contract period and persuade the foreign employer if
necessary.

A4.5: Benefits

Period of Supervision is from 1st of January to 31st of December every year
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1. They will be invited to participate in foreign employment promotion organized by
SLBFE.

2. Issue special identity card for the officer in charge of the agency and provide special
service counters.

3. Their names will be advertised in SLBFE publications.

4. Granting approval to open web page in the SLBFE website.

5. Discussing to provide all the benefits of government, through the Ministry of Foreign
Employment.

6. Standardization of agencies.
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Appendix A.5 Job Order Process

Note: The figures above describes the 12 steps in the job order process. The process begins
with a job order being sent by the foreign employer to the Sri Lankan mission and then a
back and forth between the SLBFE and the foreign employer or agent. After several steps of
between the local recruitment agency and the employer, once the local recruitment agencies
is able to secure a visa (step 10), a final set of materials is sent to the SLBFE for ‘final
approval’.
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Appendix A.6 Distribution of Ratings
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(a) Panel A: All Eligible Agencies
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(b) Panel B: Recruited 100-155 Migrants in 2009

Note: This figure displays a frequency distribution of the ‘Combined Score’ that was
calculated for agencies in the agency grading program. The star cutoffs are as follows: 0

stars: 0-19.9, 1 star: 20-34.9, 2 stars: 35-49.9, 3 stars: 50-59.9, 4 stars: 60-79.9, 5 stars: 80-100.
Panel A show the distribution for all eligible agencies while Panel B restricts the sample to
those who recruited between 100 and 155 migrants in 2009.
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Appendix A.7 Histogram of Predicted Rating
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Note: The figure above plots the predicted rating variable for eligible agencies and
comparison agencies.
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Appendix A.8 Agency Rating Online Database

Note: The image above is a screenshot of the agency rating online database from the SLBFE
website.
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Appendix A.9 Online Advertisements

(a) Panel A (b) Panel B

Note: The figures above show advertisements placed by agency owners on their websites.
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Appendix A.10 Migrant Recruitment in 2009
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Note: This figure shows the number of migrants recruited by agencies in 2009.
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Appendix A.11 Data Appendix

We describe the main variables used in our analyses below. All variables are measured at the
agency-month level, unless stated otherwise.

Average salary (USD): Mean salary of migrants departing per month, deflated to 2015 US
dollars, winsorized at the 5% level.

Contract renewal: Share of migrants in a given month who renew their contract with the
same employer or self-migrate to the same country and sector in a subsequent trip. We are
able to match migrant trips by the same individual using unique national identifiers
available in our data.

Complaint rate: Fraction of migrants departing in a given month who file a complaint at
anytime. For example, if agency A sent 10 migrants in March 2013 and 3 of these migrants
complain at a later date, the complaint rate for the agency in March 2013 is 0.3.

Solve time for complaints: Average number of months taken to resolve complaints filed in a
given month

Job orders: Number of job orders received by an agency in a month, after approval by the
regulator. We do not have data for years 2005 and 2014.

Good Orders: Number of job orders from foreign employers whose pre-program (prior to
2010) complaint rate is below the median. This value is only generated for employers who
recruit at least 50 migrants during the pre-period (accounting for 93% of all migrants). We
do not have data for years 2005 and 2014.

Migrants: Number of migrants recruited per month, winsorized at the 5% level.

Construction of Agency Quality Measures

We use the formula used by the SLBFE to compute a “quantitative score”. This is computed
both at the yearly level and at the monthly level as we detail below. First, we detail how the
government computes the quantitative score:

How the Quantitative Score is Computed:

The quantitative score is computed by assigning letter grades to continuous values for 9

assessment variables listed below. For each variable, the value of the variable was converted
into a letter grade (A=5, B=4, C=3, D=2, E=1, Z=0). Letter grades were assigned in the
following way: the range of the variable is divided into 5 equal bins; then letter grades are
assigned based on these bins where the highest-scoring bin receives letter grade “A” and the
lowest receives “Z.” If a score could not be calculated for the criterion, a letter grade “Z” was
assigned. A total score was then calculated by summing the numeric values associated with
all letter grades.

We use this same formula for 9 assessment criteria observed in our administrative data to
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construct a quantitative score. These criteria used are:

• Total migrant recruitment

• Professional recruitment

• Middle level and clerical recruitment

• Skilled recruitment

• Semi-skilled recruitment

• Unskilled recruitment

• Female domestic worker recruitment

• Dispute settlement ratio

• Business sustainability (new markets entered into)

Quantitative Score 2005-08 * Month-Year FE: In order to control for differential agency
quality trends, we compute the average yearly quantitative score for an agency between 2005

and 2008 and then interact this average with month-year fixed effects.

Quantitative Score 2009: In order to look at heterogeneity by pre-program agency quality,
we instead use the quantitative score computed for 2009. Note, this is also the quantitative
score used by the government to compute the final rating in 2012.

Predicted Rating: We construct a ‘Predicted Rating’ using the fact that the government
based the actual 2012 ratings on a quantitative score that only uses (pre-program) data from
2009 and third-party audit data collected after the program was introduced. We regress an
(eligible) agency’s actual continuous rating (i.e. their ‘Combined Score’) on their 2009

‘Quantitative Score’. The fitted values from this regression are the ‘Predicted Rating’ for
eligible agencies. In addition, we use the estimated coefficient from this regression to
compute a ‘Predicted Rating’ for comparison agencies as well.

Monthly Quantitative Score: In Table 2, for example, we also use a ‘Quant Score’ variable to
summarize investment in the rating criteria. We do so by computing the monthly quantitative
score for each agency-month. We use the same formula described above, except at a
month-level, to compute this score.
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Appendix A.12 Agency Locations

Panel A: Agency Locations Across Sri Lanka

Kilometers

0 300
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Eligible Agency
Colombo
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Panel B: Agency Locations Across Colombo District

Kilometers

0 50

Included DS
Comparison Agency
Eligible Agency

Note: Panel A shows the location of eligible and comparison agencies included in the study
across Sri Lanka. Panel B shows the location of agencies in Colombo District only.

61



Appendix A.13 Job Types

(1) (2) (3) (4)
Job Category Median Salary % Full % Study
1. Accountants, Engineers 720 0.36 0.28

2. Drivers, Machine Operators 223 21.06 18.56

3. Sales / Retail 237 1.07 0.83

4. Draughtsmen 297 2.73 3.82

5. Supervisory Labor 274 4.03 7.79

6. Cleaner / General Laborer 175 19.68 22.28

7. Domestic Worker 164 51.08 46.43

Note: The table above reports the median salary for seven different skill classifications from the SLBFE. Column
3 reports the percentage of these jobs in the full sample while column 4 reports the composition in the restricted
sample used for the study.
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Appendix A.14 Pre-Program Employer to Agency Matches
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Note: This figure plots two probability density functions that describe the pre-program
matches between recruitment agencies, ‘Good Employers’ and ‘Bad Employers’: defined as
employers who are below or above the median pre-program (< 2010) complaint rate,
respectively. The domain is the continuous combined score/2012 agency rating which is
only known to the public after 2012.
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Appendix A.15 Wages and Amenities by Employer Complaint Rates
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(a) Panel A: All Employers
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(b) Panel B: Employers & Agencies Specializing in Domestic
Work

Note: This figure displays average salaries (2015 USD) and the share of amenities by
pre-program employer complaint rates. The histogram shows the fraction of employers that
fall into each complaint rate bin. Panel A restricts attention to employers who recruited at
least 50 migrants prior to the program, which accounts for 94% of all pre-program
recruitment. Panel B additionally focuses restricts attention to employers (and/or foreign
agencies) for whom at least 75% of recruited migrants were domestic workers.
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Appendix B Additional Results

Appendix B.1 Results from Agency Survey

Panel A: Learning about Employer Reputation

(1) (2) (3)
Source N Percent

Check if Blacklisted 83 76%

Consult Other Agencies 65 60%

Consult Returned Migrants 73 67%

Contact SL Consulate 48 44%

Contact SLBFE 46 42%

Panel B: Reasons for Rejecting Job Order

(1) (2) (3)
Source N Percent

Job Wasn’t Safe 29 52%

Employer Reputation 17 30%

Foreign Agent Reputation 18 32%

Too Many Amenities 11 20%

Low Commission 7 12%

Hard to find Workers 19 35%

Note: Panel A asks agencies how they learn about the reputation of an employer. Panel B
reports the reasons an agency states for rejected a job order in the past year. 55 out of 109

agencies reported rejecting a job order. Both tables use data collected through the agency
survey in 2019 with a sample size of 109 agencies.
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Appendix B.2 Market Outcomes by Agency Quality and Program Period

(1) (2) (3) (4)
Quant Score Migrants Job Orders Agency Exit

Elig*High*2010-12 -0.1665 -1.4907 -0.0525 -0.0220

(0.279) (1.449) (0.099) (0.053)

Elig*High*2012-15 0.3052 0.7038 0.0389 0.0249

(0.278) (2.738) (0.147) (0.093)

Elig*Low*2010-12 0.3188** 0.5250 0.1880** -0.0746**
(0.150) (1.641) (0.073) (0.029)

Elig*Low*2012-15 0.0021 -0.3122 0.1958** -0.1263***
(0.148) (1.858) (0.089) (0.046)

N 25956 25956 21684 25956

Comparison Mean 6.56 8.05 0.37 0.16

Notes:
This table reports difference-in-difference estimates on market outcomes. ‘Comparison

Mean’ reports the pre-program (2005-2009) mean of the dependent variable for the com-
parison group. The estimates correspond to the period where agencies were solely exposed
to Reputational Incentives (2010-2012) and the period after Quality Revelation (2012-2015).
The table computes heterogeneous effects for these time periods by pre-program agency
quality; ‘High’ denotes above median pre-program quality, while ‘Low’ is below median
pre-program quality, where quality is based on the ‘Predicted Rating’ variable (See Ap-
pendix A.11 for details). ‘Migrants’ reports the total number of migrants recruited by an
agency in a given month. ‘Job Orders’ are the number of orders that an agency received
in a specific month from employers abroad (i.e. demand). Note, data for 2005 and 2014 is
missing for the job order data. ‘Agency Exit’ is a proxy for an agency closing down. It is
coded as an indicator variable that switches on at the beginning of a 12 month sequence of
zero recruitment after the program was introduced. All specifications cluster at the agency
level and include agency fixed effects and month-year fixed effects interacted with average
migrant recruitment (2005-08).
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Appendix B.3 Characteristics of Job Orders

(1) (2) (3)
Order Size # Employers # New Employers

Panel A: Eligible Agencies vs. Comparison

Elig*2010-12 13.8267** 1.1327** 0.1828

(6.591) (0.510) (0.396)

Elig*2012-15 9.7409 1.3005* 0.7023

(6.111) (0.694) (0.645)

Panel B: Effects by Pre-Program Agency Quality

Elig*High*Post-2010 7.4644 0.4678 -0.1867

(10.585) (1.073) (1.109)

Elig*Low*Post-2010 12.3159* 1.8209*** 0.6169

(7.032) (0.681) (0.520)
N 21684 21684 21684

Depvar. Mean 59.29 4.82 2.54

Notes:
This table reports difference-in-difference estimates on the overall effects of the pro-

gram. ‘Comparison Mean’ reports the pre-program (2005-2009) mean of the dependent
variable for the comparison group. Panel A compares eligible agencies to compari-
son agencies both for the period where agencies were solely exposed to Reputational
Incentives (2010-2012) and the period after Quality Revelation (2012-2015). Panel B
computes heterogeneous effects by pre-program agency quality; ‘High’ denotes above
median pre-program quality, while ‘Low’ is below median pre-program quality, where
quality is based on the ‘Predicted Rating’ variable. ‘Order Size’ reports the average
number of vacancies included on a job order, ‘# Employers’ reports the number of
unique employers with whom an agency did business, ‘# New Employers’ refers to an
employer with whom the agency had not done business prior to the introduction of the
program. ‘High = Low’ tests equality of coefficients in Panel B. All specifications clus-
ter at the agency level and include agency fixed effects. Panel B contains month-year
fixed effects interacted with average migrant recruitment (2005-08). Panel A contains
the same controls as Panel B and month-year fixed effects interacted with the average
yearly quantitative score (2005-08).
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Appendix B.4 Components of Job Order Quality

(1) (2) (3) (4) (5)
Return Ticket Health Insurance Accommodation Food Avg. Salary (USD)

Panel A: Eligible Agencies vs. Comparison

Elig*2010-12 0.0074 0.0421* 0.0399 0.0457* 12.1404

(0.017) (0.025) (0.025) (0.025) (8.438)

Elig*2012-15 0.0174 0.0418 0.0398 0.0354 14.3522

(0.018) (0.029) (0.028) (0.027) (11.472)

Panel B: Effects by Pre-Program Agency Quality

Elig*High*Post-2010 -0.0139 -0.0058 -0.0005 0.0094 -2.4995

(0.033) (0.047) (0.046) (0.040) (20.136)

Elig*Low*Post-2010 0.0313* 0.0781*** 0.0744** 0.0782*** 24.0172**
(0.018) (0.029) (0.029) (0.030) (9.551)

N 21684 21684 21684 21684 21684

Comparison Mean 0.09 0.29 0.29 0.28 92.75

Notes:
This table reports difference-in-difference estimates of effect of the program on individual components of the job order quality index.

Panel A compares eligible agencies to comparison agencies. Panel B computes heterogeneous effects by pre-program agency quality;
‘High’ denotes above median pre-program quality, while ‘Low’ is below median pre-program quality, where quality is based on the
‘Predicted Rating’ variable. The outcome variables are binary variables that record whether a job order included the provision of
return airfare (col. 1), health insurance (col. 2), accommodation (col. 3) and/or food (col. 4). The ‘Avg. Salary’ variable is either
the midpoint of a salary range or the advertised salary (in 2015 USD) depending on what the job order included. ‘High = Low’ tests
equality of coefficients in Panel B. All specifications cluster at the agency level and include agency fixed effects, month-year fixed
effects interacted with average 2005-2008 migrant recruitment and month-year fixed effects interacted with the average quantitative
score between 2005-2008.
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Appendix B.5 Placement Outcomes by Agency Quality and Program Period

(1) (2) (3) (4)
Avg. Salary (USD) Contract Renewal Good Orders Quality Index

Elig*High*2010-12 -2.7578 0.0068 0.0442 -0.0965

(17.898) (0.023) (0.037) (0.129)

Elig*High*2012-15 7.5503 -0.0091 0.0623 -0.0059

(29.956) (0.012) (0.040) (0.202)

Elig*Low*2010-12 36.1815*** 0.0172 0.0691** 0.2509***
(10.037) (0.012) (0.027) (0.077)

Elig*Low*2012-15 39.9884*** 0.0230** 0.0394* 0.2667**
(14.418) (0.010) (0.023) (0.105)

N 25956 25956 21684 21684

Comparison Mean 164.48 1.17 0.13 0.07

Notes:
This table reports difference-in-difference estimates on placement quality. ‘Comparison Mean’ reports the pre-

program (2005-2009) mean of the dependent variable for the comparison group. The estimates correspond to the
period where agencies were solely exposed to ‘Reputational Incentives’ (2010-2012) and the period after Quality
Revelation (2012-2015). The table computes heterogeneous effects during these time periods by pre-program agency
quality; ‘High’ denotes above median pre-program quality, while ‘Low’ is below median pre-program quality,
where quality is based on the ‘Predicted Rating’ variable. ‘Average salary’ is the average salary of migrants placed
by an agency in a given month in 2015 USD. ‘Contract Renewal’ is a count variable of the number of migrants
placed by an agency who returned to the same employer on a subsequent contract. ‘Good Orders’ are job orders
corresponding to employers with a below median pre-program complaint rate. ‘Quality Index’ is a normalized
index incorporating whether or not a job order specifies that health insurance, accommodation, and return airfare
are provided as well as the salary range paid to workers. Index components are weighted by the inverse of the
covariance matrix as in Anderson (2008). All specifications cluster at the agency level and include agency fixed
effects and month-year fixed effects interacted with average migrant recruitment (2005-08).
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Appendix B.6 Composition of Migrants Recruited

(1) (2) (3) (4) (5)
% Female % Pre-Complaints % Under 30 % Over 50 % Saudi

Panel A: Eligible Agencies vs. Comparison

Elig*2010-12 -0.0089 0.0043 -0.0057 0.0035 -0.0388

(0.025) (0.004) (0.011) (0.013) (0.025)

Elig*2012-15 -0.0466 0.0007 -0.0045 -0.0012 -0.0280

(0.029) (0.005) (0.015) (0.013) (0.035)

Panel B: Effects by Pre-Program Agency Quality

Elig*High*Post-2010 -0.0177 -0.0067 -0.0281 0.0072 -0.0554

(0.049) (0.006) (0.020) (0.017) (0.049)

Elig*Low*Post-2010 -0.0333 0.0042 -0.0058 -0.0017 -0.0155

(0.028) (0.005) (0.014) (0.015) (0.031)

N 19736 19736 19736 19736 19736

Comparison Mean 0.69 0.05 0.06 0.20 0.13

Notes:
This table reports difference-in-difference estimates on the composition of migrants recruited by agencies. ‘Com-

parison Mean’ reports the pre-program (2005-2009) mean of the dependent variable for the comparison group.
Panel A compares eligible agencies to comparison agencies both for the period where agencies were solely ex-
posed to Reputational Incentives (2010-2012) and the period after Quality Revelation (2012-2015). Panel B com-
putes heterogeneous effects by pre-program agency quality; ‘High’ denotes above median pre-program quality,
while ‘Low’ is below median pre-program quality, where quality is based on the ‘Predicted Rating’ variable (See
Appendix A20 for details). All variables condition on whether non-zero migrants were recruited by an agency
in a given month. Column 1 reports the share of migrants who are women, column 2 reports the share who
had previously (i.e. pre-program) made complaints, column 3 reports the share of migrants under the age of 30,
column 4 reports the share over 50, and, finally, column 5 reports the share whose destination was Saudi Arabia.
All specifications cluster at the agency level and include agency fixed effects. Panel B contains month-year fixed
effects interacted with average migrant recruitment (2005-08). Panel A contains the same controls as Panel B and
month-year fixed effects interacted with the average yearly quantitative score (2005-08).
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Appendix B.7 Raw Trends
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Note: These figures show quarterly averages in migrants recruited (Panel A), job orders
received (Panel B), and the share of migrants who are domestic workers (Panel C). The
sample is restricted to agencies who recruit between 45 and 155 migrants in 2009 and who
had a license that was valid for at least 1 year in 2009. The vertical blue line is the point prior
at which agencies became aware of the program. The vertical green line shows when ratings
were released to the public.
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Appendix B.8 Components of Quantitative Score

(1) (2) (3) (4) (5) (6) (7) (8)
Professional Clerical Middle Skilled Semi-Skilled Operators Domestic Solved Rate

Panel A: Eligible Agencies vs. Comparison

Elig*2010-12 -0.0164 0.0731 -0.0491 -0.2450 -0.0158 0.9878 -0.2472 0.0109

(0.019) (0.144) (0.120) (0.903) (0.058) (0.831) (0.977) (0.007)

Elig*2012-15 0.0154 -0.2973 0.2328 1.0508 0.0627 1.6553 -0.4039 -0.0196

(0.016) (1.235) (0.702) (0.745) (0.052) (1.423) (0.875) (0.019)

Panel B: Effects by Pre-Program Agency Quality

Elig*High*Post-2010 0.0051 1.1578 1.5288 -0.2027 0.0516 3.0059 -0.5854 -0.0038

(0.043) (1.081) (1.379) (1.279) (0.091) (1.875) (1.821) (0.017)

Elig*Low*Post-2010 0.0023 -0.4316 -1.0126 1.1382 0.0386 0.4715 -0.0606 -0.0102

(0.006) (0.404) (0.996) (0.752) (0.057) (1.384) (0.921) (0.013)

N 25956 25956 25956 25956 25956 25956 25956 6826

Depvar. Mean 0.03 0.09 0.13 1.82 0.12 1.95 4.45 1.00

Notes:
This table reports difference-in-difference estimates on the components of the ‘Quantitative Score’ measure. ‘Com-
parison Mean’ reports the pre-program (2005-2009) mean of the dependent variable for the comparison group.
Panel A compares eligible agencies to comparison agencies both for the period where agencies were solely exposed
to Reputational Incentives (2010-2012) and the period after Quality Revelation (2012-2015). Panel B computes het-
erogeneous effects by pre-program agency quality; ‘High’ denotes above median pre-program quality, while ‘Low’
is below median pre-program quality, where quality is based on the ‘Predicted Rating’ variable. Columns 1-7 are
count variables for migrants placed in varying skill categories. Column 8 reports estimated effects on the complaint
solved rate (or dispute settlement rate) which conditions on the set of agencies who had non-zero complaints in
a given month. All specifications cluster at the agency level and include agency fixed effects, month-year fixed
effects interacted with average 2005-2008 migrant recruitment and month-year fixed effects interacted with average
quantitative score 2005-2008.
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Appendix B.9 The Effect of Receiving a Higher Rating

In order to separately identify the effect of receiving a higher rating, we instead use the
sample of all eligible agencies and compare agencies that are just above and below the
star-specific cutoffs. Appendix A.6 shows the distribution of ratings. The domain reports the
‘Combined Score’ which is the continuous score that the Quantative Score and qualitative
score on which agencies were rated. In order to estimate the separate effect of receiving a
higher rating, we argue that agencies on either side of the star-cutoff are similar aside from
the fact that they are arbitrarily assigned to receive either more or less stars.

Empirical Strategy: Regression Discontinuity Design

To operationalize this identification strategy we use a regression discontinuity design. To
maximize power, we center the treatment variable at the thresholds and assign a value of 1 if
the score is above the threshold and 0 if it is below the threshold.

For agency i in month m and year t:

Yimt = δt + β1Combined Scorei + β2Treati + β3

Treat ∗ Combined Scorei + ϵimt

In this regression, Yimt is our outcome variable measured for agency i in month m and year t.
Treati is a dummy that takes a value of 1 when the score is above the star cutoff.
Combined Scorei is the centered forcing variable and Treat ∗ Combined Scorei is an interaction
between the treatment and forcing variable. The interaction term allows the effect from the
rating to vary on either side of the cutoff. We also include year fixed effects, δt, and cluster
standard errors at the agency level. We use a uniform kernel and the mean-square error
optimizing bandwidth.
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Appendix B.10 Heterogeneous Effects by Herfindahl-Hirschman Index

(1) (2) (3)
Agency Exit Job orders Migrants

Competitive*Elig*Post-2010 -0.0392 0.2095* 2.6701

(0.059) (0.126) (2.268)

Not Competitive*Elig*Post-2010 -0.0830 -0.1300 1.8030

(0.058) (0.148) (2.446)

N 24828 20712 24828

Comparison Mean 0.16 0.37 8.05

Notes:
This table reports heterogeneity in program impacts by a measure of local market com-

petition: the Herfindhal-Hirschman index. ‘Comparison Mean’ reports the pre-program
(2005-2009) mean of the dependent variable for the comparison group. ‘Agency Exit’ is a
proxy for an agency closing down. It is coded as an indicator variable that switches on
at the beginning of a 12 month sequence of zero recruitment after the program was intro-
duced. ‘Job Orders’ are the number of orders that an agency received in a specific month
from employers abroad (i.e. demand). Note, data for 2005 and 2014 is missing for the job
order data. The Herfindahl-Hirschman index is calculated using total recruitment in 2007

and 2008 at the Divisional Secretariat level. ‘Competitive’ refers to binary variable coded
as 1 for an above median score of the measure of competition, while ‘Not Competitive’
is the opposite. These specifications are clustered at the agency level and include agency
fixed effects, month-year x average 2005-2008 migrant recruitment, month-year x average
quantitative score 2005-2008 fixed effects, and local market x month-year fixed effects.
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Appendix C Robustness Tests

Appendix C.1 Pre-Trends
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Note: These figures investigate pre-program trends for three outcomes, i.e. they plot the
interaction coefficients (a dummy for eligible firm interacted with month-year) for the period
2007-2010. The grey lines are the 95% confidence intervals. In each case the reference is
January, 2008.
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Appendix C.2 Agency Exit

(1) (2) (3)
Agency Exit (6 mo) Agency Exit (1 yr) Agency Exit (2 yr)

Panel A: Eligible Agencies vs. Comparison

Elig*2010-12 -0.0523** -0.0542** -0.0537**
(0.026) (0.026) (0.026)

Elig*2012-15 -0.0645 -0.0666 -0.0611

(0.045) (0.045) (0.044)

Panel B: Effects by Pre-Program Agency Quality

Elig*High*Post-2010 0.0020 0.0080 0.0139

(0.073) (0.074) (0.075)

Elig*Low*Post-2010 -0.1032*** -0.1076*** -0.1034***
(0.039) (0.039) (0.039)

N 25956 25956 25956

Comparison Mean 0.17 0.16 0.15

Notes:
This table reports difference-in-difference estimates for agency exit. ‘Comparison Mean’ reports the

post-program (2010-2015) mean of the dependent variable for the comparison group. Panel A compares
eligible agencies to comparison agencies both for the period where agencies were solely exposed to Rep-
utational Incentives (2010-2012) and the period after Quality Revelation (2012-2015). Panel B computes
heterogeneous effects by pre-program agency quality; ‘High’ denotes above median pre-program quality,
while ‘Low’ is below median pre-program quality, where quality is based on the ‘Predicted Rating’ vari-
able (See Appendix A20 for details). ‘Agency Exit’ is a proxy for an agency closing down. It is coded as
an indicator variable that switches on at the beginning of a 6 month (column 1), 12 month (column 2) and
24 month (column 3) sequence of zero recruitment after the program was introduced. All specifications
cluster at the agency level and include agency fixed effects. Panel B contains month-year fixed effects
interacted with average migrant recruitment (2005-08). Panel A contains the same controls as Panel B
and month-year fixed effects interacted with the average yearly quantitative score (2005-08).
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Appendix C.3 Effects on Total Salaries

(1) (2) (3) (4)
Total Salaries Total Salaries Total Salaries Total Salaries

Elig*2010-12 0.8247*** 0.5666**
(0.314) (0.268)

Elig*2012-15 0.7821* 0.5600*
(0.418) (0.326)

Elig*High*Post-2010 0.4594 0.5560

(0.688) (0.514)

Elig*Low*Post-2010 1.2979*** 0.8326**
(0.402) (0.333)

N 25956 24014 25956 24014

Comparison Mean 6.01 6.04 6.01 6.04

Notes:
This table reports difference-in-difference estimates on the revenue proxy with (column 1 & 3) and

without agencies (column 2 & 4) agencies that exited the market. ‘Comparison Mean’ reports the pre-
program (2005-2009) mean of the dependent variable for the comparison group. ‘Total Salaries’ is com-
puted by summing all salaries of migrants placed by an agency in the relevant month, and this variable
is transformed using the inverse hyperbolic sine. In columns 2 & 4, we exclude agencies that have exited
according to our definition of exit: a 12 month sequence of zero recruitment after the program was intro-
duced. All specifications cluster at the agency level and include agency fixed effects. The specifications
in column 3 & 4 contains month-year fixed effects interacted with average migrant recruitment (2005-08).
Columns 1 & 2 contain the same controls and month-year fixed effects interacted with the average yearly
quantitative score (2005-08).
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Appendix C.4 Contract Renewal and Complaint Types

Overall Types of Complaints

(1) (2) (3) (4)
Contract Renewal Complaint Rate % Breach % Harassment

Panel A: Eligible Agencies vs. Comparison - Main Sample

Elig*2010-12 0.011 0.006 -0.005 0.011

(0.011) (0.007) (0.023) (0.018)

Elig*2012-15 0.007 -0.002 0.049** -0.020

(0.008) (0.006) (0.024) (0.019)

Panel B: Effects by Pre-Program Agency Quality - Main Sample

Elig*High*Post-2010 -0.006 -0.003 0.013 -0.006

(0.012) (0.008) (0.040) (0.035)

Elig*Low*Post-2010 0.022** 0.004 0.023 -0.004

(0.009) (0.007) (0.022) (0.018)

N 25956 19736 8537 8537

Comparison Mean 0.09 0.08 0.40 0.14

Panel C: Eligible Agencies vs. Comparison - All Agencies

Elig*2010-12 0.023*** 0.003 -0.003 0.008

(0.007) (0.005) (0.016) (0.012)

Elig*2012-15 0.008 -0.004 0.028 -0.007

(0.006) (0.004) (0.017) (0.012)

Panel D: Effects by Pre-Program Agency Quality - All Agencies

Elig*High*Post-2010 0.005 -0.006 -0.027 0.007

(0.007) (0.006) (0.030) (0.024)

Elig*Low*Post-2010 0.024*** 0.000 0.018 0.000

(0.005) (0.004) (0.015) (0.011)

N 82428 59327 32297 32297

Comparison Mean 0.08 0.09 0.42 0.14

Notes:
This table reports difference-in-difference estimates of the overall program effect on contract renewal and

complaints. Panels A & B restrict the sample to agencies who recruited between 45 and 155 migrants
in 2009. Panels C & D use all agencies. Panel A & C compare eligible agencies to comparison agencies.
Panel B & D computes heterogeneous effects by pre-program agency quality; ‘High’ denotes above
median pre-program quality, while ‘Low’ is below median pre-program quality, where quality is based
on the ‘Predicted Rating’ variable. ‘Contract Renewal’ is a count variable of the number of migrants
placed by an agency who either returned to the same employer or agency on a subsequent contract. The
complaint rate measures the average number of complaints by migrants placed by an agency in a given
month conditional on the agency placing non-zero migrants. % Breach reports the fraction of complaints
that are due to breach of contract (including non-payment of wages) while % Harassment refers to the
fraction of complaints that are due to physical harassment. Columns 2-4 condition on non-zero migrants.
Columns 3 & 4 further condition on non-zero complaints. All specifications cluster at the agency level
and include agency fixed effects. Panels B & D contain month-year fixed effects interacted with average
migrant recruitment (2005-08). Panels A & C contain the same controls as Panels B & D and month-year
fixed effects interacted with the average yearly quantitative score (2005-08).
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Appendix C.5 Robustness to Agency Exit

Panel A: Migrant Recruitment

(1) (2) (3) (4)

Elig*2010-12 -0.2623 -0.6795

(1.155) (1.179)

Elig*2012-15 0.0853 0.2219

(1.532) (1.692)

Elig*High*Post-2010 -0.0886 0.3151

(2.167) (2.315)

Elig*Low*Post-2010 -0.0099 -0.2655

(1.722) (1.794)
N 25956 23888 25956 23888

Comparison Mean 8.05 8.08 8.05 8.08

Panel B: Job Orders

(1) (2) (3) (4)

Elig*2010-12 0.0888 0.0610

(0.060) (0.059)

Elig*2012-15 0.1262* 0.1047

(0.076) (0.080)

Elig*High*Post-2010 0.0317 0.0177

(0.101) (0.102)

Elig*Low*Post-2010 0.1919** 0.1571*
(0.086) (0.086)

N 21684 20041 21684 20041

Comparison Mean 0.37 0.37 0.37 0.37

Notes: This table reports difference-in-difference estimates on the migrant
recruitment (Panel A) and job orders (Panel B). Columns 1 & 3 report the
estimates from the main specification, columns 2 & 4 adjust these estimates
for agency exit. All specifications cluster at the agency level and include
agency fixed effects. The specifications in column 2 & 4 contains month-
year fixed effects interacted with average migrant recruitment (2005-08).
Columns 1 & 3 contain the same controls and month-year fixed effects in-
teracted with the average yearly quantitative score (2005-08).
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Appendix C.6 Robustness to Trend Controls

(1) (2) (3)
Agency Exit Job Orders Migrants

Panel A: Quality and Recruitment Trend

Elig*2010-12 -0.0542** 0.0888 -0.2623

(0.026) (0.060) (1.155)

Elig*2012-15 -0.0666 0.1262* 0.0853

(0.045) (0.076) (1.532)

Panel B: Recruitment Trend Only

Elig*2010-12 -0.0682** 0.0865 -0.2623

(0.028) (0.058) (1.155)

Elig*2012-15 -0.0770* 0.1104 0.0853

(0.046) (0.076) (1.532)

Panel C: No Controls

Elig*2010-12 -0.0541** 0.0940 1.1672

(0.026) (0.061) (1.134)

Elig*2012-15 -0.0682 0.1318* 1.9329

(0.044) (0.077) (1.395)

N 25956 21684 25956

Comparison Mean 0.16 0.37 8.05

Notes:
This table assesses the robustness of the difference-in-difference estimates

reported in the paper to varying combinations of trend controls. ‘Compar-
ison Mean’ reports the pre-program (2005-2009) mean of the dependent
variable for the comparison group. Panel A uses the main specification
used in the paper which includes two time-varying controls: month-year
fixed effects interacted with average migrant recruitment (2005-08) and
month-year fixed effects interacted with the average yearly quantitative
score (2005-08). Panel B reports the estimates including only month-year
fixed effects interacted with the average yearly quantitative score (2005-08).
Panel C only include month-year fixed effects. ‘Migrants’ reports the total
number of migrants recruited by an agency in a given month. ‘Job Orders’
are the number of orders that an agency received in a specific month from
employers abroad (i.e. demand). Note, data for 2005 and 2014 is missing
for the job order data. ‘Agency Exit’ is a proxy for an agency closing down.
It is coded as an indicator variable that switches on at the beginning of a 12

month sequence of zero recruitment after the program was introduced. All
specifications cluster at the agency level and include agency fixed effects.
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Appendix C.7 Robustness to Alternative Measures of Agency Quality

(1) (2) (3) (4) (5) (6)
Quant Score Migrants Job Orders Agency Exit Good Orders Quality Index

Panel A: Predicted Rating

Elig*High*Post-2010 -0.2686 -0.0886 -0.0007 0.0080 0.0544 -0.0451

(0.219) (2.167) (0.116) (0.074) (0.036) (0.157)

Elig*Low*Post-2010 0.2588** -0.0099 0.1924** -0.1076*** 0.0522** 0.2598***
(0.126) (1.722) (0.078) (0.039) (0.021) (0.086)

Panel B: Quantitative Score 2009

Elig*High*Post-2010 -0.0603 -0.1862 0.1247 -0.0470 0.0534* 0.1213

(0.193) (2.138) (0.097) (0.056) (0.027) (0.118)

Elig*Low*Post-2010 0.2775** 0.2651 0.1353 -0.0907* 0.0491* 0.1973*
(0.128) (1.395) (0.082) (0.052) (0.026) (0.103)

Panel C: Avg. Quantitative Score 2007-2009

Elig*High*Post-2010 0.0427 -1.2738 0.0900 -0.0528 0.0639** 0.1598

(0.147) (1.681) (0.102) (0.055) (0.029) (0.115)

Elig*Low*Post-2010 0.2835* 2.0489 0.1567** -0.0843 0.0320 0.1478

(0.167) (2.132) (0.078) (0.052) (0.023) (0.102)

N 25956 25956 21684 25956 21684 21684

Comparison Mean 6.56 8.05 0.37 0.16 0.13 0.07

Notes:
This table reports heterogeneous difference-in-difference estimates using alternative definitions of pre-program

agency quality. Panel A uses our preferred specification, i.e. the ‘Predicted Rating’. Panel B uses the Quantitative
Score from 2009, while Panel C uses the average Quantitative Score between 2007 and 2009 (see Appendix A.11 for
details). ‘Comparison Mean’ reports the pre-program (2005-2009) mean of the dependent variable for the compari-
son group. ‘Quant Score’ summarizes an agency’s investment in the rating criteria introduced by the government
(See Appendix A.11). ‘Migrants’ reports the total number of migrants recruited by an agency in a given month.
‘Job Orders’ are the number of orders that an agency received in a specific month from employers abroad (i.e.
demand). Note, data for 2005 and 2014 is missing for the job order data. ‘Agency Exit’ is a proxy for an agency
closing down. It is coded as an indicator variable that switches on at the beginning of a 12 month sequence of
zero recruitment after the program was introduced.‘Good Orders’ are job orders corresponding to employers with
a below median pre-program complaint rate. ‘Quality Index’ is a normalized index incorporating whether or not a
job order specifies that health insurance, accommodation, and return airfare are provided as well as the salary range
paid to workers. Index components are weighted by the inverse of the covariance matrix as in Anderson (2008). All
specifications cluster at the agency level and include agency fixed effects and month-year fixed effects interacted
with average 2005-2008 migrant recruitment.
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Appendix C.8 Program Effects with Alternative Samples

(1) (2) (3)
Agency Exit Job orders Migrants

Panel A: Recruited 45-155 Migrants in 2009

Elig*2010-12 -0.0542** 0.0888 -0.2623

(0.026) (0.060) (1.155)

Elig*2012-15 -0.0666 0.1262* 0.0853

(0.045) (0.076) (1.532)
N 25956 21684 25956

Panel B: Recruited 25-175 Migrants in 2009

Elig*2010-12 -0.0376* 0.1281** -0.0027

(0.021) (0.053) (1.014)

Elig*2012-15 -0.0709* 0.1722** -1.0793

(0.039) (0.067) (1.309)
N 37356 31188 37356

Panel C: All Agencies

Elig*2010-12 -0.0508*** 0.2805*** 0.5221

(0.019) (0.046) (0.982)

Elig*2012-15 -0.1205*** 0.3742*** -2.8725**
(0.030) (0.061) (1.183)

N 82428 68640 82428

Notes:
This table reports difference-in-difference estimates of the overall pro-

gram effect using varying intervals about the 100 migrant program
threshold. Panel A reports the ‘optimal bandwidth’ used in the paper
(45-155 migrants recruited in 2009), Panel B restricts the sample to 25-
175 migrants recruited in 2009 and Panel C places no restrictions on the
sample. ‘Agency Exit’ is a proxy for an agency closing down. It is coded
as an indicator variable that switches on at the beginning of a 12 month
sequence of zero recruitment after the program was introduced. ‘Job
Orders’ are the number of orders that an agency received in a specific
month from employers abroad (i.e. demand). Note, data for 2005 and
2014 is missing for the job order data. All specifications cluster at the
agency level and include agency fixed effects, month-year fixed effects
interacted with average migrant recruitment (2005-08) and month-year
fixed effects interacted with average yearly quantitative score (2005-08).
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